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Abstract

A lack of research on preindustrial wealth mobility has hindered our understanding of the extent and
mechanisms through which preindustrial wealth was transmitted across generations. This paper studies
homeownership and housing wealth mobility in the city-state of Basel (1500-1800). Using a database
of over 40,000 father—son pairs, we apply linear probability and rank-rank regression models to find
homeownership and housing wealth persistence across six generations. We identify three transmission
mechanisms: direct inheritance, assortative mating, and political officeholding. Finally, we observe
higher mobility rates in the sixteenth century compared to the seventeenth and eighteenth centuries.
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Introduction
Research on preindustrial economic inequality has documented a consistent increase in wealth inequal-

ity across Western Europe that lasted from the mid-fifteenth century to the nineteenth century (e.g.,
Alfani 2019, 2021, 2024). Beyond external shocks, such as wars and epidemics (Alfani, Gierok, and
Schaff 2022, 2025; Scheidel 2017), scholars have emphasized the role of human agency in explaining
the persistent rise in inequality, particularly through mechanisms such as direct inheritance (Alfani
2021: 24-27; Kumon 2025; Schifano and Paccoud 2024), assortative mating (Clark and Cummins 2022;
Marcassa, Pouyet, and Trégouét 2020; Puga and Trefler 2014), and political institutions facilitating the
enrichment of officeholders (Belloc et al. 2022, 2024; Schaff 2023, 2024b).

However, existing research has rarely used individual-level data to test the extent to which and
mechanisms through which preindustrial wealth was transmitted across generations (Shiue 2025). Alt-
hough distinct concepts, wealth inequality and mobility are inherently intertwined. Inequality research
analyses the distribution of wealth, whereas intergenerational mobility research examines the correla-
tion between parents’ and children’s positions within that distribution. While cross-sectional studies
indicate that higher inequality is associated with lower intergenerational mobility (Corak 2013; Durlauf,
Kourtellos, and Tan 2022), the mechanisms driving this relationship, and whether it persists across the
preindustrial period, remain unclear (Alfani 2026; Song et al. 2020).

This paper illustrates the preindustrial relationship between inequality and intergenerational
wealth mobility in a stable and urban no-war scenario. By analysing the multigenerational transmission
of homeownership and housing wealth in Basel between 1500 and 1800, this paper addresses the over-
arching research question: How persistent were preindustrial homeownership and housing wealth, and
what factors contributed to this persistence? Even though homeownership only represents one dimen-
sion of wealth, house values correlate strongly with overall wealth ranks (Bediik and Harkness 2024;
Blanden, Eyles, and Machin 2023). This was particularly true during the preindustrial period, when, for
the majority of households, land and houses were the largest stores of wealth, important sources of rent,
and the main collateral in capital borrowing for further investments (Fiiglister 1981).

To answer the research question, we combine three unique data sources. First, we use the his-
torical land register of Basel, which provides a comprehensive record of 43,080 documented house
owners within Basel’s city walls between 1500 and 1800 (Hitz, Ziegler, and Vonwiler 2024). Second,
we match this homeownership data with a genealogical dataset covering 234,770 individuals who lived
in Basel during the same period (Schweizer and Schweizer 2019). This dataset links individuals across
two and more generations, allowing us to trace wealth transmission within families. Third, we collect
data on 4,040 politicians to assess the role of political power in the accumulation of homeownership
and housing wealth.

We implement a four-step analysis. First, we employ linear probability and rank-rank regres-
sion models to find meaningful and significant general associations between fathers’ and sons’ home-

ownership and housing wealth outcomes. Our estimates of 0.54 and 0.45, respectively, align with those



found in other individual-level studies of preindustrial mobility (Belloc et al. 2024; Schifano and
Paccoud 2024), though they are smaller than those found in surname-based studies, which yield coef-
ficient sizes above 0.7 (Clark and Cummins 2015). Second, we extend the regression models to inspect
single transmission mechanisms and provide evidence for the relative importance of three mechanisms:
direct inheritance, assortative mating, and political officeholding. Third, we analyse linear probability
and rank-rank correlations beyond one generation to present evidence for the multigenerational persis-
tence of homeownership and housing wealth advantages for up to six generations. Finally, we present
a ‘Great Gatsby Curve’ to illustrate the relationship between wealth inequality and mobility (Corak
2013) and find that inequality grew and mobility declined throughout the seventeenth and eighteenth

centuries. Table 1 summarises the main findings.

Table 1. Main findings (full population sample)

fome Housng Wa
Analysis Rank-Rank Model
Model )
(no controls) (no controls)
0.54 0.45 Strong intergenerational
persistence in
- homeownership and housing
Intergen. Mobility wealth, but lower than
estimates in surname-based
studies (0.7)
e Inheritance: N/A e Inheritance: 0.30 Assortative mating and
e Assortative mating: e Assortative mating: 0.32 inheritance contribute
Transmission 0.35 o (Father’s) political office: ~ quantitatively most
channels e Father’s political 0.10 importantly to persistence,
office: 0.16 while political officeholding
plays a meaningful but
smaller role
e Grandfather-son: 0.285 e Grandfather-son: 0.239 Persistence declines
e Four Generations: e Four Generations: 0.145  gradually across generations
Multigen. 0.186 o Five Generations: 0.124 but remains substantial even
Mobility ¢ Five Generations: e Six Generations: 0.073 after six generations
0.140

e Six Generations: 0.113

e 1530: 0.24 (gini: 0.71) Mobility declines over time
e 1630: 0.39 (gini: 0.91) as inequality increases
e 1730: 0.44 (gini: 0.92)

Great-Gatsby
Curve

This paper makes three contributions. First, it provides one of the first datasets linking individ-
uals across multiple generations in the preindustrial period. This allows us to establish one of the first
assessments of the long-term development of preindustrial wealth mobility in a European region (see
also Kumon 2025; Shiue 2025; Brea-Martinez and Pujadas-Mora 2025). We show that wealth mobility
declined from the sixteenth to the eighteenth century and that wealth persistence, while substantial, was
lower than suggested by most surname-based studies (e.g., Clark et al. 2015).

Second, the paper contributes to the literature on the drivers of long-run inequality. Whereas

existing work has shown how macro-level shocks reduced inequality (e.g., Alfani 2019, 2021, 2024),



we leverage a relatively shock-free historical case to provide new evidence on the micro-level mecha-
nisms that sustained preindustrial wealth within families (see also Belloc et al. 2024). We show that the
wealth of fathers-in-law is nearly as strong a predictor of an individual’s wealth as paternal wealth,
while political power plays a significant, though somewhat less important, role. These findings move
the literature beyond merely measuring wealth mobility to identifying its underlying drivers.

Third, by extending the analysis to up to six generations, this paper contributes to the broader
literature on multigenerational mobility. While conventional two-generation estimates suggest a rela-
tively rapid decay of economic advantage, extending the horizon to six generations reveals a slower,
non-linear pattern of persistence. This paper is among the first to document this pattern for the prein-
dustrial period and to use individual-level data on six generations of ancestors. Extending the empirical
time horizon for studying multigenerational mobility shows that wealth advantages accumulated under
preindustrial regimes characterised by stark legal inequalities persisted over much longer periods than
typically observed in the literature (Héllsten and Kolk 2023).

Whereas wars shaped inequality trends in the rest of Europe, the Swiss Confederacy provides
an insightful counterfactual, as it never participated in any major wars (Dell, Piketty, and Saez 2007:
474). Basel’s historic centre did not suffer major destruction and remained largely unchanged between
1500 and 1800 (Kaufmann 1949), providing a unique advantage to study preindustrial homeownership
mobility in a stable urban environment. We show that, even in the absence of warfare, housing wealth
mobility declined and inequality rose over the early modern period, consistent with patterns observed
in war-affected regions (Belloc et al. 2025; Brea-Martinez and Pujadas-Mora 2025).

This paper proceeds as follows. The first section reviews the literature on preindustrial inequal-
ity and mobility. Second, we outline our study’s historical context by describing Basel’s urban land-
scape, political structure, and inheritance system. The third and fourth sections present our data and

methods. The fifth and sixth sections present and discuss the results. The final section concludes.

Literature Review
From the mid-fifteenth century onwards, most regions in Western Europe experienced a steady increase

in economic inequality lasting until the nineteenth century (for an overview, see Alfani 2019, 2021,
2024). Despite substantial research on preindustrial wealth inequality, both the extent of wealth trans-
mission across generations and the underlying mechanisms driving preindustrial wealth mobility remain
largely unknown.

Previous research has primarily examined status, occupational, and income mobility, rather
than wealth mobility. Espin-Sanchez, Gil-Guirado, and Vickers (2022) use marriage records to identify
gendered transmission patterns of social status across three generations in eighteenth-century Murcia,
Spain. van Leeuwen et al. (2016) find increasing levels of absolute and relative occupational mobility
in France from 1720 onward, whereas Boberg-Fazli¢ and Sharp (2018) observe stable levels of relative

occupational and income mobility in England between 1550 and 1749. Brea-Martinez and Pujadas-



Mora (2025) observe increasing occupational mobility in eighteenth and nineteenth century Barcelona
but demonstrate significant disparities in upward social mobility between social groups. Most similar
to our own approach, Shiue (2025) uses genealogical data to study status mobility in Tongcheng, China
(1300-1900), finding an increase in intergenerational mobility over the seventeenth century.

Two notable contributions focus on individual-level wealth mobility. First, Schifano and
Paccoud (2024) find strong family-level persistence in landownership in Luxembourg between 1766
and 1872, emphasizing the role of inheritance practices in shaping the distribution of land wealth. Sec-
ond, Belloc et al. (2024) use individual-level wealth data from fifteenth-century Florence to show that
great-grandparental wealth significantly predicts children’s wealth across four generations. To explain
their findings, they demonstrate that participation in marriage networks and politics—but not occupa-
tion, neighbourhood, or genetics—correlate with the persistence of wealth across generations.

Together, these two studies emphasize three relevant channels of intergenerational wealth
transmission: direct inheritance, assortative mating, and political officeholding.! First, families’ direct
inheritance strategies and society’s inheritance systems, such as primogeniture or partible inheritance,
determined the distribution of resources among descendants (Alfani 2021: 24-27; Kumon 2025; Ogilvie
and Schaff 2025; Schifano and Paccoud 2024). Second, families often deployed intentional strategies
such as marital alliances to access in-laws’ privileges and improve the wealth of subsequent generations
(Hallsten and Kolk 2023; Marcassa, Pouyet, and Trégouét 2020). Assortative mating matters for ques-
tions of mobility because mobility decreases when in-law relations recur among families with similar
wealth, social status, genetic traits, and geographical origin (Clark, Cummins, and Curtis 2022). Third,
political officeholding may contribute to enhancing families’ wealth because preferential access to po-
litical office became a potential avenue for individual enrichment through rent-seeking, the embezzle-
ment of public resources, and the implementation of regressive fiscal institutions to benefit their dyn-

asties’ long-term interests (Alfani 2021; Belloc et al. 2022; Minns et al. 2019; Schaff 2024b).

Historical Context
To investigate multigenerational homeownership and housing wealth mobility, this paper concentrates

on the city-state of Basel, Switzerland. Swiss city-states, and Basel in particular, offer a very favourable
setting in which to study the preindustrial development of wealth mobility. Throughout the early mod-
ern period, Swiss cities avoided major warfare, were never ruled by an absolutist ruler, and each re-
mained entirely autonomous (Peyer 1978). Individuals had to hold citizenship rights to be eligible to

participate in local councils, engage in guild-based occupations, and own homes. Because

Inequality and mobility trends are additionally shaped by macro-level factors such as economic growth, wars, tax
systems, epidemics, and religion. While these factors may influence aggregate patterns of mobility, variation in
individual mobility requires explanation through micro-level transmission mechanisms. We explicitly distinguish
between channels through which advantage is transmitted across generations and contextual factors that may
shape opportunities without themselves constituting intergenerational transmission mechanisms.



homeownership and land were typically the only assets accepted as collateral, homeownership inequal-
ity produced unequal investment opportunities (Fiiglister 1981: 21).

While wealthy merchants typically had access to more profitable investment options, real estate
accounted for most wealth of less wealthy individuals (Brenner 1952; Fiiglister 1981: 18). Since mo-
bility studies focus on the general population rather than the top of the distribution, homeownership
provides a useful proxy for tracing wealth transmission among ordinary households. In preindustrial
Europe, at least four strongly intertwined factors may have shaped access to homeownership: (i) hous-
ing market tightness, (ii) inheritance institutions, (iii) assortative mating, and (iv) political power. To-
gether, these factors provide our conceptual framework: Mobility is expected to be lower when access
to housing is restricted; inheritance practices concentrate homeownership in the hands of a few; mar-
riage markets reinforce social stratification; and political institutions concentrate power among selected
individuals.

(1) Housing prices fluctuate in response to supply and demand changes. Driven by migration
waves of Protestant and war refugees following the Reformation (1521-29) and during the Thirty
Years’ War (1618-48), Basel’s urban population rose from 9,500 in 1501 to 11,036 in 1600 and 14,338
in 1700 before stabilising during the eighteenth century (Gschwind 1977: 173; Portmann 1979: 47).
Although Basel never expanded beyond its city walls, the number of houses increased from 1,437 in
1590 to 1,884 in 1610, before slowing to 2,120 in 1779 and 2,198 houses in 1798 (Basel 1798; Brenner
1952: 37; Kaufmann 1949: 102; Meier 1974: 12). Additionally, access to this housing market was con-
strained, as only around 50 percent of the total population held citizenship rights, a prerequisite to
homeownership (Miiller 1954: 89; Thurneysen 1779).

In an attempt to ease pressure on the housing market (Schaub 1916: 48), Basel’s councils im-
plemented increasingly restrictive laws that made it nearly impossible for foreigners to attain citizenship
or own property (His 1915: 4-5; Kaufmann 1949: 54; Portmann 1979: 64-65; Schnell 1856: 256, 434-
435, 926). Basel’s housing market was thus characterized by a high concentration of housing in the
hands of a few families. Sons inherited their father’s properties, citizen rights, and guild membership
(Schiipbach-Guggenbiihl 2002: 161) leading to the transmission of both civic privileges and properties
over multiple generations. For example, paper maker and citizen Fridlin Heusler acquired a paper mill
in 1532, and this mill, along with citizenship rights, guild membership, and the family occupation,
remained in the Heusler family well into the eighteenth century (Tschudin 1969).

(i1) Such a persistence of homeownership was partly due to the city’s legislative regulations
that prohibited land subdivisions, reductions in building size, and the segmentation of houses into dif-
ferent apartments (Kaufmann 1949: 80-81; Schnell 1856: 465, 969). Thus, to keep a house within a

family with multiple children, one heir had to compensate their siblings; otherwise, the entire property

2 As in cities of other European countries, there is no consensus in the historical literature on the number of

citizens (Minns et al., 2019).



had to be sold. Parents could not bypass this rule by excluding children from inheritance. Citizens with
surviving heirs in descending or ascending order (i.e., children, grandchildren, parents, or grandparents)
were prohibited from drafting wills, resulting in a low number of testaments—for instance, only eight
in 1718, five in 1719, and ten in 1720 (Bischoff 1719: 109; Stamm 1943: 21, 49, 64, 67, 82; Suter 1993:
21, 59). Although this prevented the fragmentation of property and preserved housing values, it left
many heirs without homeownership, increasing competition for housing.

(i) While early modern politicians believed that Basel’s restrictive inheritance system pre-
vented ‘luxury to become dangerous’ (Ochs 1821: 642), Basel’s customs and legal system incentivized
intentional marriage strategies for obtaining and maintaining privileges, wealth and political power
(Head-Konig 1993: 452-453, 457; Ochs 1821: 468). Homeownership increased the attractiveness of a
spouse, and marital connections to established families were important to achieve homeownership and
access political offices (Rothlin 1986: 110; Schiipbach-Guggenbiihl 2002: 118).

(iv) Following the Reformation in 1521-29, Basel had a guild-based political system, with each
of the fifteen guilds holding a similar number of political seats. New council members were generally
elected for life and were chosen by other council members. This election system provided ample op-
portunities for electoral corruption and enabled elite families to gradually monopolize political power
(Burckhardt et al. 1720). Holding political power improved men’s social standing, their financial re-
sources and access to homeownership. Although the introduction of lottery-based selection procedures
in 1718 improved mobility into top positions, Basel’s political system remained oligarchic since only
citizens were eligible for office (Degen et al. 2017; Im Hof 1949: 143; Miiller 1954: 11).

In summary, Basel’s institutional environment may be expected to limit intergenerational
wealth mobility across time. Although population growth was limited, access to housing was restricted
to citizens. Partible inheritance incentivized powerful families to form tightly knit marriage networks,
and election systems caused political power to remain restricted to citizen families. Below, we test how

successful Basel’s families were in transmitting wealth advantages across multiple generations.

Data

We collected three datasets. First, we gathered individual-level information on homeowners from 1500
to 1800. Second, we acquired a genealogical database with comprehensive information on kinship re-
lations. Third, we assembled data on all politicians in Basel’s councils. For our analyses, we matched
and integrated all three datasets into a single database.

Land Register

To reconstruct preindustrial homeownership data, we use Basel’s Historical Land Register. Archivists
compiled the Historical Land Register between 1895 and 1977 from various historical documents, in-
cluding records of ownership changes, property purchase notices, and house deeds. The archivists tran-
scribed each record onto individual index cards. An example of one such card and its transcription is

provided in Figure 1A in Appendix 1. The index cards are sorted by building and identify the owner



and the year of the document’s origin. By compiling all the sources available on Basel’s housing market,
the Historical Land Register offers a complete picture of the city’s homeownership landscape based on
the surviving sources (Fiiglister 1981: 16-17; His 1915: 4-7; Staehelin 1990: 22-24).

A total of over 120,000 index cards, covering the period between 1400 and 1800, were digit-
ized, transcribed, and made available to us by a team of digital humanities researchers (Hitz, Ziegler,
and Vonwiler 2024). The cards predominantly list men as homeowners.> We also collected appraisal
values of 2,142 buildings derived from fire insurance estimations from 1803.* Finally, we use a cadas-
tral map, the Loffelplan, to geocode all buildings precisely to a house number. We only consider urban
housing wealth. Although rural landownership could have served as a substitute given the constrained
supply of housing in the city, urban residence was a precondition for citizenship and signalled social

status, making permanent relocation to the countryside unlikely (Fiiglister 1981: 57; Stachelin 1990).

@ Significant Public Places
© O District Churches
Years with documented owner(s)
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ot * 300

Notes: Figure 1 illustrates the cadastral map of the city-state of Basel, known as the Liffelplan (1862). Black dots
represent significant public places, including the town hall (Rathaus), Basel’s marketplace (Marktplatz), the ware-
house (Kaufhaus), and the minster (Miinster). Squares indicate churches, and solid black lines demarcate church
district boundaries. Blue dots show the locations of houses that we can match to at least one person in the HiPeBa
database. The shading of the dots reflects the number of years for which a homeowner is identifiable in HiPeBa,
with darker shades indicating more years of available data. Source: Geodaten Kanton Basel-Stadt and authors’
dataset.

Although the year of the original document is included in the index cards, it does not necessarily reflect the year
of property acquisition (e.g., court cases may identify homeowners without recording acquisition dates). For this
reason, we do not use this information in the analysis.

Using appraisal values from 1803 has two disadvantages. First, we cannot observe the development of housing
wealth values across time. Second, appraisal values do not fully account for location as a component of valuation.
Transaction prices could, in principle, be a more suitable measure. However, they may introduce bias, as proper-
ties were often sold at discounted rates to relatives or not sold at all when passed down through inheritance. Such
houses would be missing from the data, skewing the sample toward frequently sold properties (Eitrheim and
Erlandsen, 2005).



Genealogical Dataset
We match the homeowners extracted from Basel’s historical land register against a comprehensive ge-
nealogical database, the Historische Personendatenbank Basels (HiPeBa). This database captures the
kinship relations, citizenship status, occupations, birth, death, and marriage dates of 234,770 individuals
living in Basel between 1500 and 1800. Genealogists have transcribed all the individual-level records
available from birth, burial, baptism, and marriage certificates to provide an exhaustive picture of Ba-
sel’s preindustrial population. They applied no restrictions of gender, religion, class, family, age, or
geographical origin (Schweizer and Schweizer 2019). This mitigates issues of survivorship bias and
selective memory, which often affect online databases that rely on genealogists’ reconstructions of their
own family histories (Colasurdo and Omenti 2024; Stelter and Alburez-Gutierrez 2022).

To assess the database’s reliability, Figure 2 illustrates how well the HiPeBa database covers
Basel’s underlying population as estimated by Gschwind (1977: 172-174). The solid line represents the
annual proportion of the total population documented in the HiPeBa database, and the dashed grey line
reflects the share of citizens covered by HiPeBa.> Coverage of both the general population and citizenry
is close to 100 percent from 1650 to 1800. Additionally, citizens are not disproportionately represented
relative to the rest of the population, which is a common issue in online genealogies (Stelter and
Alburez-Gutierrez 2022). Thus, there is little evidence of bias, and the HiPeBa database reliably covers

most of Basel’s population from at least the mid-seventeenth century.®

We derived individuals’ citizenship status from HiPeBa and verified information by cross-checking historical
sources (Lutz 1819). We calculate the proportion of citizens covered by HiPeBa using Minns et al. (2019)
‘perpetual inventory’ method. The method and our adjustments are explained in Appendix 1B.

The varying degree of coverage over time may raise concerns about selection bias. To address this, we rerun
all analyses restricting the data to the period from 1650 to 1800, during which coverage of the total population
and citizenry is nearly complete. Our findings remain consistent even after this adjustment (Appendix 2A).



Figure 2. Coverage of population and citizenry
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Notes: Figure 2 illustrates the coverage of the underlying population by the HiPeBa database. Coverage is defined
as the annual number of all individuals (solid black line) and citizens (dashed grey line) represented in HiPeBa,
expressed as a share of the total population and the estimated total number of citizens (Stelter and Alburez-
Gutierrez 2022). Citizens are counted from age 14, the traditional age of political majority (Miiller 1954: 9). The
dashed horizontal line represents full coverage (100 percent). Source: authors’ dataset.

To assess potential gaps in the land register, we test whether homeowners and high-status indi-
viduals are overrepresented in the genealogical database (see Appendix 1D, Figures 1D.1-1D.2). When
the genealogical database is complete, the land register also achieves full coverage. As coverage in the
land register is stable over time, whereas missing observations are more common in the genealogical
database for earlier periods, this strongly suggests that the register captures all documented homeowners
(Fuglister 1981: 16-17; His 1915: 4-7; Staehelin 1990: 22-24).

Council Membership

Finally, we transcribe data for 4,040 politicians from the city’s councils, including information on their
names, political positions and the years in which they entered and left Basel’s great, small, and secret
council (Linder 1748-1796). All three databases were matched in an algorithmic procedure using
names, time periods, living places, and, if available, information on occupation and spouses.” We reduce
the final dataset to male adults who had reached at least 18 years of age.

The final dataset, based on the genealogical database, includes 40,783 complete father—son
pairs. For each male adult in the genealogical database, we construct two outcome variables. First, we
create a binary variable whether they owned a house or not. Second, we assign the 1803 appraisal value
of the most expensive house owned by the individual. In addition, the dataset contains sociodemo-
graphic details and information on their own, their patrilineal ancestors’, and their spouses’ fathers’

homeownership status, housing wealth, and political positions.

7 A detailed description of the algorithmic matching procedure is provided in Appendix 1C.



Methods
To analyse mobility rates, we present two models. First, we use a linear probability regression design

to estimate the likelihood of sons’ homeownership conditional on fathers’ homeownership. Second, we
use the appraisal value of the most expensive house owned during lifetime to implement a rank-rank
regression design. Conceptually, the rank—rank specification measures the extent to which a son’s po-
sition in the housing wealth distribution is correlated with his father’s position in the father’s wealth
distribution. Thus, it captures intergenerational mobility as the persistence of relative economic status
across generations. In contrast to log values, rank-rank designs allow for zero observations and are less
sensitive to outliers (Adermon, Lindahl, and Waldenstrom 2018: 491). We rank sons by their housing
wealth relative to other sons of the same birth cohort (Bediik and Harkness 2024).® Similarly, we rank
fathers compared to fathers with sons of the same birth cohort (Chetty et al. 2014: 1555).

In the baseline regressions, we first examine the association between fathers’ homeownership
and housing wealth and sons’ homeownership and housing wealth without including any controls. Sub-
sequently, we introduce controls for sons’, fathers’, and mothers’ age at death and its square and the
number of siblings, as these factors influenced wealth and the volume of inherited wealth (Blanden,
Eyles, and Machin 2023: 262-263). Although we cannot observe income directly, we control for occu-
pation, which is closely related. Additionally, we incorporate birth cohort and neighbourhood fixed
effects to capture group-specific characteristics that remained stable over time (Adermon, Lindahl, and
Palme 2021: 1525-1526; Belloc et al. 2024: 121-122). We cluster standard errors at the surname level.

Our baseline regression estimations are based on the equation

he = Bo + Bih-1) T vXe + &, (1)
where h; is a binary variable indicating whether an individual owned a house in their lifetime ¢, h;_1)
is the father’s homeownership, yX; is a vector of control variables, and &; is the error term. For the
rank-rank estimation, we adjust the equation and substitute the dummy variables indicating homeown-
ership with sons’ and fathers’ housing wealth ranks.

Second, we investigate three mechanisms that might explain the intergenerational persistence
of homeownership and housing wealth. To this end, we estimate separate models that incorporate prox-
ies for each transmission mechanism into the baseline specification. We examine the role of direct in-
heritance by including a dummy variable coded 1 if individuals owned the same house as their fathers.
This likely indicates an inherited house rather than one purchased anew from a third party. Inheriting
the father’s house perfectly predicts the sons’ likelihood of homeownership, so we only focus on how

inherited homeownership impacts sons’ housing wealth rank.’

We group individuals by birth cohorts that ensure that each cohort contains at least 100 observations. Most
cohorts from the years after 1640 consist of a single birth year, whereas cohorts from earlier periods may
encompass multiple birth years. This replicates the approach used by Adermon et al. (2018: 493).

Our data may miss rare cases in which inheritance skips a generation. Such cases would bias our mobility
estimates upwards, causing us to underestimate persistence and the role of direct inheritance.
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Next, we test the importance of assortative mating. Because women were rarely listed as home-
owners, we incorporate the homeownership and housing wealth of fathers-in-law into our baseline mod-
els to assess the association between assortative mating and intergenerational homeownership and hous-
ing wealth transmission.'® For the homeownership model, we include a dummy variable that equals 1
if the father-in-law owned a house. For the housing wealth model, we include the housing wealth rank
of the father-in-law in our baseline regression. Additionally, we control for factors specific to this chan-
nel, such as the number of the father-in-law’s children, because this may affect the volume of housing
wealth transmitted to the son-in-law. For individuals that married more than once, we code the dummy
variable 1 if at least one of the fathers-in-law owned a house and rank the housing wealth of the father-
in-law with the highest appraisal value.

To examine the influence of political officeholding on homeownership and housing wealth, we
add two dummy variables to our baseline regressions. The first equals 1 if the son held office and the
second equals 1 if the father held office.

Finally, we estimate a multigenerational model in which we progressively incorporate the
homeownership and housing wealth rank of up to six generations of patrilineal ancestors into the base-

line regression. Specifically, we adjust the baseline regression (Equation (1)) by adding h(;_y for each

ancestor generation, where h denotes homeownership or housing wealth, and & indicates the number of
generations back (e.g., k = 2 for grandfather, k = 3 for great-grandfather, etc.):
he = Bo + .Blh(t—l)+ ---+ﬂkh(t—k) + vXe t&, (2)

Because noncitizens were typically not allowed to own houses, we run each model on two
samples: one that includes Basel’s total population and another restricted to citizens. Citizenship was
an inheritable status rarely revoked, allowing us to clearly distinguish noncitizens from citizens. Rather
than estimating a pooled regression, we analyse these samples separately because citizenship consti-
tuted a fundamental institutional boundary restricting access to occupations and property. Including
citizenship as a control variable would absorb a substantial part of the variation we seek to explain. We
expect social mobility to have been higher within the citizenry. Homeownership was substantially more
common among citizens, increasing variation in housing outcomes and thereby the scope for both up-
ward and downward mobility.

The sample differences are shown in Table 2, which reports the summary statistics for the main
variables. The table shows that the citizens-only sample differs markedly from the total population
sample in socioeconomic characteristics. Homeownership is substantially more common among citi-

zens, and their average housing wealth is considerably higher. Most of the citizens were either

19 Using the father-in-law’s homeownership and housing wealth as proxies for the bride’s social status is appro-
priate because daughters generally remained in the parental household until marriage (Grace 2015: 30; Head-
Konig 1993: 452-453). In wealthy families, women rarely engaged in paid labor and typically depended on
parental financial support prior to marriage (Carmichael et al. 2016: 197-199). The father-in-law’s homeown-
ership and housing wealth can therefore be interpreted as reasonable indicators of the socioeconomic resources
available to the bride’s family of origin.
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merchants, rentiers, or craftsmen, resulting in a greater concentration of white-collar and skilled occu-

pations in the citizens-only sample.

Table 2. Summary statistics

Variables Total Population Sample Citizens-Only Sample
Homeownership 0.171 (0.38) 0.578 (0.49)
Housing wealth - primary residence (in 1803 CHF) 1,504.16 (4840.48) 5,307.40 (7940.93)
Housing wealth - all residences (in 1803 CHF) 2,131.42 (7440.43) 7,547.94 (12553.37)
Political position 0.038 (0.19) 0.136 (0.34)
Age 57.875 (17.68) 55.369 (17.53)
No. of father’s children 5.832 (3.28) 6.012 (3.46)
Occupational Classes

White-Collar 0.083 (0.28) 0.232(0.42)
Semi-Skilled & Skilled Manuals 0.298 (0.46) 0.416 (0.49)
Farming 0.010 (0.10) 0.003 (0.05)
Unskilled 0.018 (0.13) 0.018 (0.13)
Unknown 0.590 (0.49) 0.331(0.47)
N 40,783 10,990

Standard deviations are in parentheses. Occupational classes are based on HISCLASS categories and were clas-
sified following Zhu (2022: 1152). Source: authors’ dataset.

Migration in and out of Basel’s territory could introduce selection bias, as migrants often differ
from the rest of the population (Dribe and Helgertz 2016: 977-978). However, in-migration into Basel’s
citizenry was strictly limited from the seventeenth century onward, with less than twenty families gain-
ing citizenship rights in the eighteenth century (Lutz 1819). Permanent out-migration of citizens was
very rare, as the privileges of citizenship were not transferable to other cities. In Basel, fewer than one
citizen per year permanently lost citizenship from the mid-sixteenth century onward (Portmann 1979:
39-40). Furthermore, since noncitizens, who were more likely to migrate, were typically not allowed to

own houses, in- and out-migration are unlikely to introduce meaningful bias.

Results

We first report the baseline regression results. Second, we investigate the importance of the three inter-
generational transmission channels: direct inheritance, assortative mating, and political officeholding.
Finally, we examine the multigenerational persistence of homeownership and housing wealth across

six generations.

Intergenerational Mobility: Baseline Regression Results

To test the intergenerational persistence of homeownership and housing wealth, we first implement a
linear probability design (Equation (1)). Panel A of Table 3 presents the baseline results. Columns (1)
and (3) show the two-generational associations of 0.536 and 0.078 for the total population and citizens-
only samples without controls. This implies that sons of homeowners are 53.6 percentage points more
likely to own a house in the full sample, compared to 7.8 percentage points among citizens, indicating
substantially higher persistence within the whole population. Although this relationship weakens after

adding controls in columns (2) and (4), fathers’ homeownership remains associated with a 27.3
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percentage point increase in the probability of sons” homeownership in the total population sample, and
a 6.5 percentage point increase in the citizens-only sample.

While the findings for both samples appear to diverge substantially, this is only partly the case,
as the baseline regression without controls suggests. The intercept in column (1) indicates that individ-
uals whose fathers were not homeowners had a baseline probability of 5.8 percent of owning a home.
If the father was a homeowner, the likelihood of homeownership increased substantially to about 59.4
percent (i.e., the sum of the intercept and the father’s coefficient). In the citizens-only sample (column
3), the intercept shows that 52.2 percent of citizens had a baseline probability of homeownership, indi-
cating that homeownership was much more common in this group of high-status individuals even when
their father was not a homeowner. When the father was also a homeowner, the likelihood of homeown-
ership rose to approximately 60 percent, similar to the likelihood of homeownership in the full sample.

Panel B reports the results of the rank-rank regressions with sons’ housing wealth rank as de-
pendent variable and fathers’ housing wealth rank as independent variable. In Columns (1) and (3),
before adding controls, the rank-rank slopes are 0.452 for the total population sample and 0.175 for the
citizens-only sample. In other words, a one-percentile increase in father’s housing wealth rank is asso-
ciated with a 0.452 percentile increase in sons’ housing wealth ranks in the total population sample.
These estimates are comparable to effect sizes for preindustrial Florence (Belloc et al. 2024) and Lux-
embourg (Schifano and Paccoud 2024) and suggest substantial persistence compared to modern-day
rank-rank associations of 0.1 and 0.4 for Britain and Denmark (Bediik and Harkness 2024; Blanden,

Eyles, and Machin 2023). In the citizens-only sample, the association is weaker.
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Table 3. Baseline model

(a) Homeownership—linear probability model

Total Population Sample Citizens-only Sample
(@)) 2 3) “)

Father 0.536 *** 0.273 *** 0.078 *** 0.065 ***

(0.008) (0.012) (0.011) (0.012)
Intercept 0.058 *** 0.098 0.522 *** -0.059

(0.005) (0.069) (0.010) (0.123)
Demographic controls Yes Yes
Birth cohort FE Yes Yes
Occupation FE Yes Yes
Neighbourhood FE Yes Yes
N 40,783 40,783 10,990 10,990
R’ 0.337 0.463 0.005 0.175
(b) Housing wealth—rank-rank
Father 0.452 *** 0.252 *** 0.175 *** 0.142 ***

(0.010) (0.011) (0.013) (0.012)
Intercept 0.049 *** 0.073 * 0.212 *** 0.088

(0.003) (0.044) (0.005) (0.081)
Demographic controls Yes Yes
Birth cohort FE Yes Yes
Occupation FE Yes Yes
Neighbourhood FE Yes Yes
N 39,597 39,597 9,931 9,931
R’ 0.246 0.363 0.031 0.172

Notes: Robust standard errors are clustered by family and in parentheses. In panel A, the dependent variable is a dummy variable that
is equal to one for individuals that owned a house. In panel B, all variables have been percentile ranked within their birth cohort
groups. The demographic controls include age, father’s age, mother’s age (squared and unsquared), and the number of father’s sons
and daughters. *** p <0.01; ** p <0.05; * p <0.1. Source: authors’ dataset and calculations.

Although we find evidence for the persistence of homeownership and housing wealth across
two generations, the strength of these associations may shift over time. Figure 3 shows how the coeffi-
cients from the intergenerational baseline regression in Table 3, Columns (1) and (3) vary when the
data are subset by decade. Among the total population sample, mobility was relatively high during the
sixteenth century but lower during the seventeenth and eighteenth century across both the linear prob-
ability and rank-rank models.

The strong persistence in the full population reflects that many individuals never accessed hous-
ing, generating numerous zero—zero father—son associations. Mobility was substantially higher among
citizens. These results indicate limited mobility overall but substantially greater mobility within privi-
leged groups. They suggest that preindustrial inequality may have been shaped less by a lack of mobility
per se than by institutional barriers determining access to wealth in the first place (Friedrichs 2000: 26;

Ogilvie 1997: 45-46).
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Figure 3. Intergenerational mobility trends
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Notes: Coefficients of sons’ homeownership and housing wealth rank on fathers’ homeownership and housing
wealth rank are estimated from the baseline regression (Table 3, Columns (1) and (3)). Estimates are presented
by 30-year-generations, based on sons’ birth years. Confidence intervals at the 95 percent level are reported,
and standard errors are clustered at the surname level. Cohorts born between 1770 and 1799 are excluded due
to their low age by 1800. Source: authors’ dataset and calculations.

Transmission Channels: Inheritance, Assortative Mating, Political Officeholding

Inheritance.

To better understand the mechanisms driving wealth persistence, we introduce a dummy variable equal
to 1 if sons owned the same houses as their fathers. As shown in Table 4, this channel accounts for a
substantial share of the intergenerational association in housing wealth. Including the inheritance vari-
able reduces the father-son rank correlation from 0.451 to 0.379 in the total population (column (1)),
and from 0.175 to 0.127 in the citizens-only sample (column (3)). Columns (2) and (4) add controls.
The coefficient size of inheriting the same house remains large and highly significant across both mod-
els, with coefficients greater in magnitude than the father-son association.

Putting these findings into perspective is challenging, as direct evidence on the role of inher-
itance in shaping preindustrial mobility remains scarce. Rather than inferring the role of inheritance
from intergenerational rank correlations alone (Schifano and Paccoud 2024), we provide direct evidence
on the transmission of the same assets across generations. This allows us to distinguish inheritance more
precisely from other family factors, such as genetics or social networks, that may also be transmitted
across generations and shape wealth outcomes. While our findings demonstrate the importance of ma-
terial transfers in reproducing wealth across generations, they also show that the baseline father-son
association is weakened but not lost. This suggests that direct inheritance accounts for part, but not all,

of the persistence in intergenerational homeownership and housing wealth.
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Table 4. Inheritance

Total Population Sample Citizens-only Sample
0] 2) 3) 4)
Father 0.379 *** 0.199 *** 0.127 *** 0.101 ***
(0.010) (0.010) (0.012) (0.012)
Father—same house 0.297 #*x* 0.262 *** 0.250 #** 0.215 ***
(0.008) (0.008) (0.009) (0.009)
Intercept 0.049 #** 0.091 ** 0.202 #*x* 0.106
(0.003) (0.043) (0.005) (0.078)
Demographic controls Yes Yes
Birth cohort FE Yes Yes
Occupation FE Yes Yes
Neighbourhood FE Yes Yes
N 39,597 39,597 9,931 9,931
R’ 0.537 0.588 0.363 0.426

Notes: Robust standard errors are clustered by family and in parentheses. All variables have been percentile ranked within their birth
cohort groups. The demographic controls include age, father’s age, mother’s age (squared and unsquared), and the number of father’s
sons and daughters. *** p <0.01; ** p <0.05; * p <0.1. Source: authors’ dataset and calculations.

Assortative Mating.
To assess the effect of assortative mating, Panel A of Table 5 includes a dummy variable for fathers-

in-law’s homeownership in the linear probability model. Columns (1) and (3) present the two-genera-
tional association without controls; these demonstrate that the association of fathers-in-law’s homeown-
ership with the probability of sons” homeownership is strong and significant, even when controlling for
the influence of fathers’ homeownership. In columns (2) and (4), after adding controls, the coefficient
size of fathers-in-law’s homeownership remains meaningful and significant, with stronger effect sizes
in the total population sample than in the citizens-only sample. Similarly, when running the rank-rank
model (Panel B) across both samples and with and without controls, the housing wealth rank of fathers-
in-law is positively associated with sons’ housing wealth rank, even after accounting for fathers’ wealth
ranks. The findings suggest that spouses’ background is nearly as predictive of housing outcomes as
one’s own family background.

The inclusion of fathers-in-law’s housing wealth does not meaningfully reduce the predictive
power of the baseline father-son association. In the rank-rank models, the father’s coefficient declines
modestly in the total population sample (from 0.452 to 0.399), while it slightly increases in the citizens-
only sample (from 0.175 to 0.194). These results provide direct evidence on the role of assortative
mating in shaping wealth mobility. This connects to a historical literature documenting marriage as a
mechanism for preserving elite status and wealth, from medieval Venice (Puga and Trefler 2014) and
Florence (Belloc et al. 2024: 121-122) to nineteenth-century England (Gofii 2022). Our findings further
suggest that while the housing wealth of fathers-in-law is a strong and independent predictor, compa-
rable in magnitude to that of biological fathers, it does not act as a mediating channel for housing wealth

persistence. Rather, it acts as a parallel source of advantage.
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Table 5. Assortative mating

(a) Homeownership—Ilinear probability model

Total Population Sample Citizens-only Sample
(@) ) 3) “)

Father 0.420 *** 0.268 *** 0.068 *** 0.061 ***

(0.012) (0.014) (0.014) (0.014)
Father-in-law 0.346 *** 0.191 *** 0.069 *** 0.053 ***

(0.011) (0.012) (0.014) (0.014)
Intercept 0.035 *** 0.123 0.588 *** -0.009

(0.004) (0.094) (0.015) (0.174)
Demographic controls Yes Yes
Birth cohort FE Yes Yes
Occupation FE Yes Yes
Neighbourhood FE Yes Yes
N 23,024 23,024 5,860 5,860
R’ 0.504 0.576 0.009 0.132
(b) Housing wealth—rank-rank
Father 0.399 *** 0.260 *** 0.194 *** 0.156 ***

(0.013) (0.015) (0.016) (0.016)
Father-in-law 0.316 *** 0.186 *** 0.146 *** 0.115 ***

(0.012) (0.012) (0.014) (0.014)
Intercept 0.029 *** 0.084 0.218 *** 0.011

(0.002) (0.070) (0.008) (0.125)
Demographic controls Yes Yes
Birth cohort FE Yes Yes
Occupation FE Yes Yes
Neighbourhood FE Yes Yes
N 22,415 22,415 5,297 5,297
R’ 0.399 0.476 0.064 0.180

Notes: Robust standard errors are clustered by family and in parentheses. In panel A, the dependent variable is a dummy variable that
is equal to one for individuals that owned a house. In panel B, all variables have been percentile ranked within their birth cohort
groups. The demographic controls include age, father’s age, mother’s age (squared and unsquared), and the number of father’s sons
and daughters. *** p <0.01; ** p <0.05; * p <0.1. Source: authors’ dataset and calculations.

Political Officeholding.
Third, we test the influence of political officeholding on the intergenerational transmission of home-
ownership and housing wealth. We create two binary variables: one that equals 1 if sons held political
office, and another that equals 1 if fathers held political office. To disentangle the independent im-
portance of officeholding from the potential advantages of belonging to a political dynasty, we include
an interaction term between sons’ and fathers’ officeholding. This measures whether any benefit is
added when political power spans at least two generations.

Panel A of Table 6 presents the results of the linear probability model. The likelihood of owning
a house for officeholders whose fathers did not hold political offices increases by 43.2 percentage points
in the total population sample (column (1)) and 28.5 percentage points in the citizens-only sample (col-
umn (3)) compared to people without political office and without a father who held political office. In
the total population sample, having a father who held political office increases the likelihood of owning
a house by 15.7 percentage points. In the citizens-only sample, the likelihood of owning a house for

nonpoliticians whose fathers held office also increases by 5.2 percentage points.
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The rank-rank model (Panel B, Table 6) shows comparable, statistically significant associations
between both fathers’ and sons’ political officeholding and sons’ housing wealth rank. These correla-
tions remain meaningful and significant when controls are included across both samples. Importantly,
the inclusion of political officeholding reduces the strength of the father-son association from 0.452 to
0.348 in the total population, and from 0.175 to 0.133 in the citizens-only sample.

While previous research has shown that political officeholding could lead to greater individual
enrichment (Belloc et al. 2022; Schaff 2024b), our findings demonstrate that the advantages of office-
holding enhance even descendants’ chances of wealth mobility. However, we find no evidence of a
dynasty effect; the interaction term between fathers’ and sons’ officeholding does not indicate any ad-
ditional advantages in housing wealth when political power spans at least two generations. Indeed, the
likelihood of owning a house for officeholders whose fathers also held political office is smaller in both
the total population and citizens-only sample. Similar results hold for the rank-rank models. Although
this suggests diminishing marginal returns to inherited political capital, it does not undermine the im-
portance of political power in shaping life outcomes.

This contrasts with evidence from fifteenth-century Florence, where political dynasties played
a central role in sustaining wealth persistence (Belloc et al. 2024). One plausible explanation lies in
Basel’s institutional framework. Unlike Florence, political offices in Basel were not formally inherita-
ble. The introduction of lottery-based selection procedures further weakened the intergenerational trans-
mission of power by reducing elite control over political appointments. These findings suggest that
political officeholding can generate substantial wealth, but its capacity to sustain long-term dynastic

advantages depends on the institutional rules governing access to office.
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Table 6. Political officeholding

(a) Homeownership—linear probability model

Total Population Sample Citizens-only Sample
@)) 2) 3) 4
Father 0.456 *** 0.242 *** 0.061 *** 0.055 ***
(0.009) (0.011) (0.011) (0.012)
Political position 0.432 *** 0.283 *** 0.285 *** 0.132 #%**
(0.016) (0.016) (0.015) (0.015)
Father political position 0.157 *** 0.101 *** 0.052 *** 0.052 #**
(0.018) (0.015) (0.017) (0.015)
Political position x -0.210 *** -0.111 *** -0.055 ** -0.016
Father political position (0.027) (0.026) (0.027) (0.026)
Intercept 0.052 *** 0.050 0.487 *** -0.082
(0.005) (0.067) (0.010) (0.123)
Demographic controls Yes Yes
Birth cohort FE Yes Yes
Occupation FE Yes Yes
Neighbourhood FE Yes Yes
N 40,783 40,783 10,990 10,990
R’ 0.379 0.480 0.043 0.184
(b) Housing wealth—rank-rank
Father 0.348 *** 0.206 *** 0.133 *** 0.118 ***
(0.011) (0.011) (0.013) (0.012)
Political position 0.277 *** 0.198 *** 0.197 *** 0.124 ***
(0.012) (0.012) (0.012) (0.013)
Father political position 0.102 *** 0.063 *** 0.044 *** 0.035 ***
(0.011) (0.010) (0.011) (0.010)
Political position x -0.082 *** -0.024 0.008 0.019
Father political position (0.021) (0.020) (0.021) (0.020)
Intercept 0.046 *** 0.049 0.189 *** 0.066
(0.002) (0.042) (0.005) (0.080)
Demographic controls Yes Yes
Birth cohort FE Yes Yes
Occupation FE Yes Yes
Neighbourhood FE Yes Yes
N 39,597 39,597 9,931 9,931
R’ 0.314 0.397 0.093 0.197

Notes: Robust standard errors are clustered by family and in parentheses. In panel A, the dependent variable is a dummy variable that
is equal to one for individuals that owned a house. In panel B, all variables have been percentile ranked within their birth cohort
groups. The demographic controls include age, father’s age, mother’s age (squared and unsquared), and the number of father’s sons
and daughters. *** p <0.01; ** p <0.05; * p <0.1. Source: authors’ dataset and calculations.

To compare the relative importance of each transmission channel, Table 7 presents models that include
the measures of direct inheritance, assortative mating, and political power simultaneously. The home-
ownership models (Panel A) show that both assortative mating and political officeholding have mean-
ingful and statistically significant effects. However, even after accounting for these transmission chan-
nels simultaneously, fathers’ homeownership still predicts a 37-percentage-point increase in the prob-
ability of sons’ homeownership (column (1)), suggesting that assortative mating and political office-

holding mediate part, but not all, of the observed intergenerational association.
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In the total population sample, the coefficient size of father-in-law’s homeownership (0.311) is
nearly identical to the effect size of sons’ own political officeholding (0.304). In the citizens-only sam-
ple, where variation in social backgrounds is more limited, the correlation of sons’ own political office-
holding for those whose fathers were not officeholders remains substantial at 0.194, whereas the corre-
lation size of father-in-law homeownership diminishes to 0.057.

The rank-rank models (Panel B) indicate that fathers’ housing wealth rank, direct inheritance
of the same house, father-in-law’s housing wealth, and political officeholding are all key predictors of
an individual’s housing wealth position, with similar coefficient sizes ranging from 0.2 to 0.3 (column
(1)). The substantially smaller effect sizes in the citizens-only sample (coefficients between 0.12 and
0.19 in column (3)) again demonstrate that social advantages had a stronger impact in the broader, more
diverse population. Consistent with the findings from Panel A, sons’ own political officeholding re-
mains a strong predictor of housing wealth in the citizen sample (0.145). However, the strongest trans-
mission channel in Panel B is direct inheritance of the same house (0.185), a variable that could not be

included in Panel A due to model limitations.
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Table 7. Transmission Channels

(a) Homeownership—linear probability model

Total Population Sample Citizens-only Sample
@)) 2) 3) “4)
Father 0.370 *** 0.243 *** 0.054 *** 0.052 ***
(0.013) (0.014) (0.014) (0.014)
Father-in-law 0.311 *** 0.178 *** 0.057 *** 0.048 ***
(0.011) (0.012) (0.014) (0.014)
Political position 0.304 *** 0.209 *** 0.194 *** 0.085 ***
(0.018) (0.018) (0.018) (0.018)
Father political position 0.130 *** 0.092 *** 0.049 *** 0.040 **
(0.020) (0.019) (0.019) (0.017)
Political position x -0.191 *** -0.115 *** -0.052 * -0.005
Father political position (0.031) (0.029) (0.029) (0.029)
Intercept 0.032 *** 0.075 0.563 *** -0.023
(0.003) (0.095) (0.015) (0.174)
Demographic controls Yes Yes
Birth cohort FE Yes Yes
Occupation FE Yes Yes
Neighbourhood FE Yes Yes
N 23,024 23,024 5,860 5,860
R 0.526 0.586 0.034 0.138
(b) Housing wealth—rank-rank
Father 0.273 *** 0.176 *** 0.118 *** 0.096 ***
(0.013) (0.013) (0.015) (0.015)
Father—same house 0.219 *** 0.204 *** 0.185 *** 0.173 ***
(0.011) (0.010) (0.010) (0.010)
Father-in-law 0.256 *** 0.157 *** 0.116 *** 0.098 ***
(0.012) (0.012) (0.014) (0.014)
Political position 0.203 *** 0.149 *** 0.145 #** 0.091 **x*
(0.014) (0.014) (0.014) (0.015)
Father political position 0.084 *** 0.056 *** 0.038 *** 0.028 **
(0.015) (0.014) (0.014) (0.013)
Political position x -0.076 *** -0.028 0.005 0.022
Father political position (0.023) (0.022) (0.025) (0.023)
Intercept 0.031 *** 0.073 0.195 *** 0.048
(0.002) (0.072) (0.008) (0.121)
Demographic controls Yes Yes
Birth cohort FE Yes Yes
Occupation FE Yes Yes
Neighbourhood FE Yes Yes
N 22,415 22,415 5,297 5,297
R 0.467 0.521 0.149 0.232

Notes: Robust standard errors are clustered by family and in parentheses. In panel A, the dependent variable is a dummy variable that
is equal to one for individuals that owned a house. In panel B, all variables have been percentile ranked within their birth cohort
groups. The demographic controls include age, father’s age, mother’s age (squared and unsquared), and the number of father’s sons
and daughters. *** p <0.01; ** p <0.05; * p <0.1. Source: authors’ dataset and calculations.

Multigenerational Mobility
Finally, we extend the baseline model to a multigenerational model by iteratively including the home-
ownership and housing wealth of patrilineal male ancestors up to the sixth generation (Equation (2)).

We focus on patrilineal ancestors because multigenerational transmission of social status is typically
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gender-specific, with paternal grandfathers having a more pronounced effect on the outcomes of grand-
sons than maternal grandfathers (Dribe and Helgertz 2016; Espin-Sanchez, Gil-Guirado, and Vickers
2022). We examine the coefficient sizes of male ancestors from the maternal line and the simultaneous
effects of male ancestors from both the paternal and maternal lines in Appendix 2D, Tables 2D.1—
2D.2.1

Panel A of Table 8 presents the results of the linear probability design. Columns (1) to (4)
present the results for the total population sample, and columns (5) to (8) focus on the citizens-only
sample. In both samples, we observe positive associations for up to six generations; however, the coef-
ficients are not always significant in the citizens-only sample.

In the full population sample, controlling for grandfather’s homeownership reduces the father’s
coefficient from 0.536 in the baseline model to 0.335 (column (1)), while the coefficient size of grand-
father’s homeownership is substantial at 0.285 and statistically significant. The stepwise inclusion of
ancestors’ homeownership status gradually reduces the effect size of father’s homeownership status, as
earlier generations increasingly account for part of the observed persistence. Yet, even in the six-gen-
eration model (column (4)), the father’s coefficient remains at 0.166. The homeownership status of the
sixth-generation ancestor has a significant association of 0.113, and all other ancestral coefficients re-
main statistically significant. These results provide strong evidence of multigenerational persistence in
homeownership, far exceeding what we would expect if wealth advantages were transmitted by a con-
stant factor of 0.536 across six generations.

The citizens-only sample shows weaker intergenerational and multigenerational associations
throughout, likely due to smaller sample sizes and lower variation in status and wealth. Compared to
the baseline model, the father’s coefficient declines to 0.060 when controlling for grandfather’s home-
ownership status (column (5)), while the grandfather association is 0.041. Notably, the father’s coeffi-
cient increases slightly as additional ancestors are included (0.075 in column (8)), whereas the coeffi-
cients for other ancestors’ homeownership lose significance in the full model. These irregular patterns
may reflect sample selection bias due to genealogical attrition, which can distort the expected decay of
coefficients across generations by restricting the sample to lineages with unusually persistent wealth.

Panel B reports the results of the rank-rank regressions. We find statistically significant asso-
ciations across all six generations in the total population sample and for up to five generations in the
citizens-only sample. In the full model of the total population sample (column (4)), the grandfather’s
coefficient is 0.131, and the great-grandfather’s is 0.109, indicating that a one-percentile increase in the
great-grandfather’s housing wealth rank is associated with a 0.109-percentile increase in the great-
grandson’s rank. Even six generations back, the great-great-great-grandfather’s coefficient remains sta-
tistically significant at 0.073. Coefficient sizes are consistently smaller in the citizens-only sample. In

magnitude, these estimates are comparable to multigenerational rank—rank associations in fifteenth-

" For a detailed explanation and visualization depicting the ancestors included in the analysis, see Appendix 2D.
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century Florence (Belloc et al. 2024) and align with three-generational estimates for other outcomes in
preindustrial societies (Espin-Sanchez, Gil-Guirado, and Vickers 2022). However, evidence spanning
six generations remains extremely rare. Compared to one other study extending across six generations,
namely nineteenth- and twentieth-century Sweden (Héllsten and Kolk 2023), we find that the decay of
economic advantage was substantially slower in preindustrial Basel, with wealth advantages persisting
over longer time horizons than typically captured in multigenerational mobility analyses.

In Appendix 2C, Table 2C.1, we add controls to the regression to demonstrate the robustness
of the results. Additionally, we analyse the influence of male ancestors from the maternal line and the
simultaneous effects of male ancestors from both the male and female lines (Appendix 2D, Tables
2D.1-2D.2). Although we find significant correlations of maternal ancestors up to six generations, their

coefficient sizes tend to be smaller than those of paternal ancestors.

Table 8. Multigenerational mobility

(a) Homeownership—Ilinear probability model

Total Population Sample Citizens-only Sample
(1) 2) 3) (4) ) (6) () (8)
Father 0.335 ***  0.247 ***  (.185 *** 0.166 *** 0.060 ***  0.066 *** 0.065 *** (.075 ***
(0.010) (0.013) (0.016) (0.019) (0.013) (0.015) (0.018)  (0.020)
Grandfather 0.285 *** (0.210 ***  (.17] *** 0.133 *** 0.041 ***  0.028 * 0.033 * 0.029
(0.010) (0.014) (0.017) (0.021) (0.014) (0.015) (0.018)  (0.022)
4th generation 0.186 ***  (.162 *** 0.125 *** 0.043 *** 0.050 **  0.029
(0.014) (0.017) (0.022) (0.016) (0.020)  (0.023)
Sth generation 0.140 *** 0.137 *%** 0.043 **  0.048 **
(0.018) (0.018) (0.019)  (0.020)
6th generation 0.113 *%** 0.041
(0.024) (0.025)
Intercept 0.035 ***  0.023 ***  (.017 *** 0.015 *** 0.497 ***  0.458 *¥** (.410 *** (.393 ***
(0.004) (0.003) (0.003) (0.003) (0.015) (0.020) (0.026)  (0.034)
N 28,592 20,197 13,482 8,574 8,413 6,204 4,429 3,146
R? 0.393 0.411 0.418 0.420 0.004 0.006 0.009 0.010

(b) Housing wealth—rank-rank

Father 0.309 ***  (0.260 ***  (.239 *** 0.228 *** 0.142 ***  0.138 *** (.140 *** (.146 ***
(0.011) (0.014) (0.017) (0.022) (0.014) (0.016) (0.019)  (0.023)

Grandfather 0.239 ***  (.182 ***  (.]52 *** 0.13] *** 0.084 ***  0.078 *** (.065 *** (0.067 ***
(0.012) (0.016) (0.018) (0.025) (0.013) (0.015) (0.017)  (0.022)
4th generation 0.145 ***  (0.099 *** 0.109 *** 0.046 ***  0.024 0.042 *
(0.016) (0.019) (0.022) (0.016) (0.019)  (0.021)
Sth generation 0.124 *%** 0.089 *** 0.051 *** 0.035 *
(0.019) (0.021) (0.019)  (0.021)
6th generation 0.073 #%** 0.005
(0.021) (0.020)

Intercept 0.039 *** (.033 ***  (.031 *** 0.029 *** 0.196 *** 0.183 *** (.18] *** (.178 ***
(0.002) (0.002) (0.002) (0.003) (0.006) (0.008) (0.010)  (0.015)
N 27,268 18,910 12,368 7,652 7,184 4,982 3,352 2,244
R’ 0.295 0.318 0.332 0.340 0.034 0.036 0.036 0.039

Notes: Robust standard errors are clustered by family and in parentheses. In panel A, the dependent variable is a dummy variable that
is equal to one for individuals that owned a house. In panel B, all variables have been percentile ranked within their birth cohort
groups. *¥** p <0.01; ** p <0.05; * p <0.1. Source: authors’ dataset and calculations.

Alternative explanations may challenge the notion that distant ancestors affect descendants’

outcomes. One possibility is that group associations, such as neighbourhood effects, create a spurious
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relationship between distant ancestors and their descendants (Solon 2018: 345-351). Another possibility
is that the influence of distant ancestors observed here may reflect the inheritance of genetic traits
(Barone and Mocetti 2021; Clark 2014; Clark and Cummins 2015; Héaner and Schaltegger 2024). For
this reason, we reran the multigenerational regression model adding group-specific variables. Figure 4
presents the coefficients for each generation from the initial regression (Table 8), followed by an anal-
ysis of how they change with the inclusion of group-specific effects. In addition to occupation and
neighbourhood effects, which may shape children’s attitudes and social networks (Adermon, Lindahl,
and Palme 2021: 1525-1526), we add surname fixed effects to control for all unobserved, constant
family characteristics, such as genetic traits, family prestige, and family networks (Belloc et al. 2024:

121-123). We report the regression output in Appendix 2C, Tables 2C.2-2C 4.

Figure 4. Effects of ancestors’ homeownership and housing wealth, with group-specific controls
A Total Pop. Sample — Homeownership B Citizens-Only Sample - Homeownership
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Notes: Baseline coefficients are estimated from the multigenerational model for the total population and citizens-
only sample (Table 8). Subsequently, occupation, neighbourhood, and surname fixed effects are added to the
regression separately. The confidence intervals at the 95 percent level are reported, and standard errors are clus-
tered at the surname level. The corresponding regression tables are reported in the online appendix (Appendix 2C,
Table 2C.2-2C.4). Source: authors’ dataset and calculations.

Figure 4A and 4C present the findings for the total population sample. These show that the
inclusion of surname fixed effects produces the largest drop in point estimates for both the linear prob-
ability and rank-rank model and render the observed sixth-generation associations statistically insignif-
icant. When surname fixed effects are included in the citizens-only sample, the associations are statis-

tically insignificant for the third and fourth generations onward (Figures 4B and 4D). These results
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corroborate previous findings that highlight the importance of family background in contributing to the
persistence in multigenerational wealth outcomes (Clark 2014, 2023; Clark and Cummins 2015). How-
ever, the persistence of significant associations for up to five generations in the total population sample
and up to three generations in the citizens-only sample, even after controlling for surname-level fixed
effects, suggests that family background operates alongside other mechanisms, such as direct inher-

itance, assortative mating, and political officeholding (Shiue 2025).

Discussion
Our results indicate that fathers’” homeownership and housing wealth significantly predict sons’ home-

ownership and housing wealth. We outlined four factors in the historical context to explain this inter-
generational persistence: housing access, inheritance, assortative mating, and political power. We find
that in the total population sample, assortative mating emerges as the strongest transmission channel,
followed by direct inheritance and sons’ political officeholding. In the citizen sample, direct inheritance
shows the largest coefficient, followed by political officeholding and assortative mating. Across time,
we also observe declining mobility, coinciding with increasing restrictions on access to citizenship and
housing. Finally, we demonstrate that homeownership and housing wealth persisted across up to six
generations of patrilineal ancestors.

Although we do not directly model housing access, our results reveal stark differences in mo-
bility between population groups facing very different entry barriers to the housing market. Wealth
persistence was more pronounced in the total population than within the citizenry, among whom wide-
spread homeownership limited variation and thus reduced the explanatory power of predictors. These
findings suggest that wealth inequality in preindustrial Basel was strongly determined by institutional
barriers determining access to housing, marriage networks, and political power.

These findings have broader implications for understanding preindustrial wealth mobility. Alt-
hough the intergenerational persistence of housing wealth in preindustrial Basel of 0.45 to 0.55 is sim-
ilar to status persistence in other preindustrial societies (Shiue 2025), it is somewhat lower than wealth
persistence estimates from surname-based approaches (Clark 2014; Clark and Cummins 2015). While
these differences are mainly due to variations in measurement, they may also reflect the clan-based
structures of preindustrial societies, where the wider family played a substantial part in determining
children’s outcomes, causing us to underestimate persistence (Shiue 2025). Basel’s history is rich with
examples of second-degree cousins, uncles, or godfathers advancing children’s political careers, busi-
ness ventures, and wealth accumulation (Schiipbach-Guggenbiihl 2002: 168; Wiirgler 2011: 158). Alt-
hough we cannot account for all potentially relevant ties, we emphasise that focusing solely on patri-
linear ancestors may cause researchers to underestimate the true extent of preindustrial wealth persis-

tence (Braun and Stuhler 2018).
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Structural Mobility

Thus far, our analyses on housing wealth have focused on positional mobility, represented by rank
changes in the housing wealth distribution. When an individual’s housing wealth rank changes, an-
other’s must also change (Bourdieu et al. 2019: 23). Moreover, because housing wealth is measured at
a common benchmark date (1803), the rank-rank analysis captures changes in individuals’ relative po-
sitions within the wealth distribution rather than changes in the absolute value of their housing assets.
Concentrating solely on positional mobility hampers our understanding of how broader socioeconomic
changes influenced absolute mobility opportunities within society. Structural changes, such as trade
growth, may have caused a concentration of wealth, but such an effect remains hidden when analysing
only positional shifts in wealth ranks. For these reasons, we supplement our analysis with a structural
perspective on mobility. Following Bourdieu et al. (2019), we use mobility matrices to quantify the
proportion of sons who attained the same or a different wealth group from their fathers. This perspective
indicates whether individuals experienced upward or downward mobility and whether a significant por-
tion of society remained trapped at the bottom of the distribution (Bourdieu et al. 2019).

Again, we provide findings for two samples and two models. First, we categorize individuals
into two groups: no homeownership and homeownership. Second, we use the housing values and cate-
gorize sons into three groups: sons who owned less, the same, or more housing wealth than their fathers.
To manage the number of transition matrices, we define periods by 50-year intervals. Tables 3A to 3D
in Appendix 3 present the transition matrices for all periods. Figure 5 illustrates the percentage of indi-
viduals that experienced upward and downward mobility during each period. It shows that, across all
models and samples, upward mobility tended to decline or stagnate over time. From the sixteenth cen-
tury onward, the proportion of sons experiencing downward mobility was consistently larger than the
proportion experiencing upward mobility. This suggests that, even in periods of high total mobility,
mobility was largely driven by sons transitioning from higher to lower wealth groups (Boberg-Fazli¢ et

al. 2011: 383; Bourdieu et al. 2019).

26



Figure 5. Structural mobility trends
A Total Pop. - Homeownership B Citizens-Only Sample - Homeownership
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Source: authors’ dataset and calculations.

A Preindustrial ‘Great Gatsby Curve’

When downward mobility exceeded upward mobility, this may point to a growing concentration of
housing wealth among a smaller number of families. Cross-national studies suggest a strong association
between economic inequality and social mobility, whereby higher levels of inequality correlate with
lower mobility. This mobility-inequality relationship has been dubbed as the ‘Great Gatsby Curve’
(Corak 2013; DiPrete 2020; Durlauf, Kourtellos, and Tan 2022). To examine whether this relationship
holds in the preindustrial context, we present evidence on inequality and mobility levels across each
decade of the 300-year period under study.

We calculate the Gini coefficient (a standard measure of wealth inequality ranging from 0 (per-
fect equality) to 1 (perfect inequality)) using the distribution of housing wealth in the full population
sample. Figure 6 illustrates the “Great Gatsby Curve” for preindustrial Basel, plotting the Gini coeffi-
cient on the x-axis and the father-son rank-rank correlation on the y-axis. The figure reveals a positive

relationship: lower inequality is associated with higher intergenerational mobility. Additionally, both
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inequality and mobility appear to have been lower in the sixteenth century compared to the seventeenth
and eighteenth centuries.

This phenomenon is partly mechanical, because the smaller population size in the sixteenth
century results in a higher proportion of homeowners within that population, leading to lower inequal-
ity. However, this does not explain the decline in upward mobility across the seventeenth century, dur-
ing which population sizes remained relatively stable. One potential explanation for higher mobility
rates in the sixteenth century may be the disruption caused by the Reformation (1521-1529). The Refor-
mation forced long-established Catholic families to leave the city, which opened access to political
positions, occupations, and housing for new Protestant families that later became influential in Basel’s
elite networks (Fiiglister 1981: 16; Portmann 1979: 39). Changes in mobility would thus reflect not
religious or normative change, but the population turnover triggered by the Reformation.

However, these explanations remain tentative, as we lack data for the pre-Reformation period,
and we stress the need for further research to clarify the Reformation’s potential impact on social mo-
bility rates (Schaff 2024a). Additionally, although our results highlight the role of human agency in
perpetuating inequality, they do not rule out alternative, more structural explanations for rising inequal-
ity and declining mobility. For example, Basel experienced a trade expansion during the eighteenth
century, which may have contributed to an increase in inequality by disproportionately benefiting al-

ready advantaged merchant families (Stolz 1977; Van Zanden 1995).

Figure 6. The Great Gatsby Curve for Basel, 1500-1800
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Limitations
This paper faces a few limitations. First, urban housing wealth remains an imperfect measure of overall

wealth inequality. Our data do not capture indebtedness or rural landownership, and we do not observe

28



out-migration, so some families may have left the sample. Also, the original sources do not allow us to
observe homeownership and housing wealth at specific points in an individual’s life. An individual may
appear multiple times in the records if they owned different properties at various times, but this does
not necessarily indicate simultaneous ownership of all these assets. To address this, we operationalize
homeownership as a dummy variable indicating whether individuals ever owned a property. Similarly,
we calculate wealth ranks from the properties with the highest appraisal values. As we do not capture
multi-property ownership, this approach may cause us to underestimate wealth persistence, especially
at the very top.'?

At the bottom of the wealth distribution, the land register does not provide information on
household composition. Consequently, we are unable to identify multi-family households, which were
more common among the poor (Laslett 1983: 526) who shared living space because of resource con-
straints. As a result, some men classified as non-homeowners may have had access to greater collective
resources than their homeownership status suggests. This limitation may therefore obscure heterogene-
ity within the non-homeowning population.

Second, even though we provide evidence for the relevance of direct inheritance, assortative
mating, and political officeholding and use additional controls to isolate their effects, the issue of re-
verse causality exists. Holding political office may have enhanced income and wealth, but wealth was
often a precondition for holding office (Miiller 1954: 22-23; Rothlin 1986: 92). Similarly, fathers-in-
laws’ wealth may have enhanced individual wealth, but marital sorting was probably influenced by
spouses’ own pre-existing wealth. Yet the primary focus of this study is not to establish the direction
of causality but to acknowledge and explore the bidirectionality of the processes involved. Wealth prob-
ably facilitated access to political office and fostered marital sorting, but political officeholding and
marrying into wealth also enhanced further wealth accumulation. As these factors interacted, they con-
tributed to preindustrial inequality and declining mobility levels.

Third, our analysis captures the importance of direct inheritance imperfectly. Individuals inherit
not only homeownership but also other forms of wealth that may facilitate the acquisition of homes
during their lifetime. Moreover, when houses were sold shortly before or after inheritance, the proceeds
were distributed among heirs, who thus effectively benefitted from the inheritance of their parents’
housing wealth despite not owning the same house as their fathers. Consequently, we may well have
underestimated the importance of inheritance in the transmission of preindustrial wealth advantages,
and we emphasize the need for further research to disentangle how various inheritance patterns may
have affected social mobility in preindustrial societies.

Fourth, the HiPeBa database covers close to a hundred percent of the underlying population

between 1650 and 1800 but is less complete for earlier years. This varying coverage may raise concerns

12" To ensure we do not misrepresent premodern wealth mobility, we tested whether incorporating multi-property
ownership affects our estimates. Because multi-property ownership is rare, it has little impact.
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about selection bias causing us to mismeasure mobility. Generally, any bias in our data stems not from
genealogists’ selective choices but from the limitations inherent in the historical sources. This signifi-
cantly reduces concerns that some families are better documented than others simply because they lived
longer, were wealthier, had more influential children, or have descendants alive today (Song and
Campbell 2017: 82). To address these concerns quantitatively, we rerun all analyses including only
sons born between 1650 and 1800. All our findings remain robust to these adjustments (Appendix 2A).

Fifth, previous research has emphasized the importance of gender-dominated transmission pat-
terns (Dribe and Helgertz 2016; Espin-Sanchez, Gil-Guirado, and Vickers 2022) (Clark and Cummins
2022: 21). Although we cannot reliably measure women’s homeownership and housing wealth mobil-
ity, the significance of assortative mating underscores the importance of women in securing the trans-
mission of wealth. Our analyses examining the simultaneous associations of male ancestors from both
the paternal and maternal lines indicate that paternal ancestors tended to exert a stronger influence on
descendants’ outcomes than maternal ancestors. Unlike in Britain between the seventeenth and twenti-
eth centuries, where paternal grandfathers’ predictive power was three times greater (Clark and
Cummins 2022: 21), the difference in Basel is less pronounced. Although this result may reflect the
equalizing effect of Basel’s partible inheritance system, we emphasize the need for more research to
determine the extent of male-dominated transmission patterns in preindustrial societies.

Finally, we caution against overgeneralizing the findings of this case study to preindustrial Eu-
rope more broadly. The Swiss Confederacy was exceptional in its avoidance of major warfare and did
not experience the large-scale destruction, population loss, or direct taxation that shaped inequality
elsewhere. While further research on preindustrial mobility is needed, Basel may serve as a useful

counterfactual to other European regions.

Conclusion
Previous research has shown that wealth inequality increased across the preindustrial period in West

European regions. This paper has investigated the extent and mechanisms through which preindustrial
wealth was transmitted across generations within families. Focusing on the city-state of Basel between
1500 and 1800, we find significant persistence in both homeownership and housing wealth across up
to six generations. To explain this persistence, we demonstrate the relevance of three intergenerational
transmission channels: direct inheritance, assortative mating, and political officeholding. Finally, we
observe that mobility rates were higher in the sixteenth century but declined in the seventeenth and

eighteenth centuries.
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Appendix 1. Data

1A. Historical Sources

Figure 1A. Example of the original source — index card

Notes: All index cards are sorted by house. This index card refers to the house on Marktplatz 11. The
first line of the index card highlights the year, month, and day of two sales (1721, November 6 and
1729, September 1). The second line states the type of source, a ‘private deed’. The main body of the
text notes the name of the seller, his or her spouse, potential co-owners, the buyer, and the sale value.
The full text states the following: ‘Valeria Hummel, Hans Rudolf Krugen, the merchant’s widow, and
Hans Rudolf and Anna Catharina, her children, sell to Ms. Anna Catharina Merian, the seller’s mother
... ahouse ... in Basel on the Kornmarkt, named zum Herhorn, ... for 6,000 pounds B. W.

Ms. Anna Catharina Merian, H. Jacob Berren’s ... widow sells the house above to Ms. Cath. Richardt,
German Hermann, the gymnasiarch’s widow, for 6,100 pounds B. W.’

(Source: Staatsarchiv Basel, Historisches Grundbuch der Stadt Basel (HGB), Regesten fiir das Gebiet
innerhalb der Stadtmauern, Marktplatz, Marktplatz 11 (HGB 1 122/34)).



1B. Calculation of Citizen Estimates

To evaluate the representativeness of genealogical databases, researchers typically compare demo-
graphic characteristics of the genealogical database with representative country-level statistics (Blanc
2023; Stelter and Alburez-Gutierrez 2022). Although demographic statistics are not available for the
Swiss Confederacy (1291-1798), we can calculate estimates of the number of citizens among the total
population. We implement Minns et al.’s (2019) ‘perpetual inventory’ method, which estimates the
annual number of citizens from the annual inflows into citizenship and attrition rates. Minns et al. (2019)
calculate the annual citizen number by adjusting the previous year’s citizen number for attrition, as-
suming a stable attrition rate between 0.025 and 0.04. They then add the annual inflow of new citizens,
which is drawn from historical records.

Given that citizenship was inherited by birth in Basel, we adjust this method in four ways. First,
we account for both attrition and birth rates to calculate the annual growth rate of the citizenry. Second,
instead of relying on stable upper and lower bound estimates of historical attrition rates, we use decade-
specific calculations of Basel’s birth and death rates between 1600 and 1800 (Gschwind 1977: 643).
This approach allows us to factor in mortality shocks and should provide estimates that more accurately
reflect true population trends. For the sixteenth century, we interpolate missing birth and death rates
using the average rates from the seventeenth century. Information on individuals’ citizenship status are
derived from HiPeBa. We cross-checked HiPeBa’s information with historical sources to verify and
supplement the data where necessary to ensure accuracy (Lutz 1819).

Third, Minns et al.’s (2019) ‘perpetual inventory’ method sets the initial number of citizens to
zero, which works well for cities where citizenship could only be purchased and produces reliable esti-
mates once inflow and mortality stabilize. However, in Basel, where citizenship was inherited, the fu-
ture number of citizens depends more heavily on the initial number of citizens. Therefore, we set the
initial number of citizens in 1500 to 50 per cent of the population size, reflecting historical estimates of
the true citizen count (Fink 1983: 12; Miiller 1954: 89; Thurneysen 1779).

Fourth, we account for both the annual inflow and the annual outflow of citizens. Although this
adjustment has only a minor effect between 1550 and 1800, when the average number of citizens leav-
ing the city was below one per year, it becomes more significant for the period between 1525 and 1550,
during which an average of over seven citizens left the city annually due to the Reformation (Portmann
1979: 39-40). In sum, we implement the following equation:

Ct=A+by—dy)Cy + (F —0p),
where C; is the estimated number of citizens in year ¢, b, is the birth rate in year ¢, d; is the death rate
in year ¢, F is the inflow of citizens in year ¢, and O; is the outflow of citizens in year . We assume that
the initial number of citizens is 50 percent of the initial population, so the starting value of Cy5qq is
above zero (Minns et al. 2019). Running this equation yields estimates of the true number of citizens in

the population, which allows us to compare these estimates with the number of citizens in the HIPEBA



database. This comparison then enables us to calculate the coverage of the genealogical database (Fig-

ure 2).

1C. Matching Procedure

We use an algorithmic approach to matching the genealogical database with the historical land registry
based on names, time periods, living places, and if available, occupations and spouses. Because of
spelling variations and transcription ambiguities across databases, we applied fuzzy matching tech-
niques to identify 7,872 out of 43,080 homeowners (18.27 per cent). A manual review of 500 of the
7,872 matches identified only 28 (5.6 per cent) as potential false positives. This error rate is comparable
to those of automatic census linking approaches, which are typically around 5 per cent (Abramitzky et
al. 2021) but can occasionally reach as high as 37 per cent (Bailey et al. 2020).

A further 9,159 individuals could not be matched due to name ambiguities. Because of the
small size of the city and the limited number of around 700 citizen families (Lutz 1819), combinations
of first names and surnames were not always unique. However, excluding these individuals from our
analysis could lead to a nonrepresentative sample (Buckles et al. 2023). To address this, we derived the
kinship relations of potential matches from the genealogical database and selected the candidate most
closely related to the previous property owner. This approach is reasonable because houses were often
inherited or sold to close relatives (Karagedikli and Tunger 2021) (see, for example, Figure 1A). In the
remaining cases where two or more potential owners were similarly related to the previous owner, we
matched one of the individuals randomly. As a result, a match in the genealogical database is found for
17,031 homeowners (39.55 per cent). Because of this approach, the number of potentially missed cases
is low.

Matching based on kinship relations potentially biases our results as it may inflate the degree
of multigenerational homeownership persistence. To address this, we rerun all analyses of the main
manuscript including only individuals matched based on names, occupations, dates, and living places.
We provide the robustness checks of all regressions of the main manuscript in Appendix 2B. Even
though effect sizes are slightly smaller, they remain meaningful and significant across both the inter-

generational and multigenerational models.



1D. Coverage and Oversampling

Figure 1D.1 illustrates how well the HIPEBA database covers Basel’s political officeholders and home-
owners. Coverage of both political officeholders and homeowners is nearly complete from 1650 to
1800. Figure 1D.2 demonstrates the extent to which citizens, politicians, and homeowners are
overrepresented within the HIPEBA database. Their representation in the database aligns closely with

their estimated population shares from 1650 to 1800. Together, these figures confirm the reliability of
the HIPEBA database.

Figure 1D.1 Coverage of politicians and homeowners
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Notes: Figure 1D.1 illustrates the coverage of (A) politicians and (B) homeowners by the HIPEBA database.
Coverage is defined as the annual number of all (A) politicians in office and (B) homeowners above the age of 23
represented in HIPEBA, expressed as a share of the total number of political offices and the estimated total number
of houses (Stelter and Alburez-Gutierrez 2022). The dashed horizontal line represents full coverage (100 per cent).
The total number of politicians in the total population was 258 until 1691, when it increased to 282 (Degen et al.
2017). We calculate a rough estimate of the true number of houses from historical estimates and interpolate miss-
ing values (Basel 1798; Brenner 1952: 37; Kaufmann 1949: 102; Meier 1974: 12). Source: authors’ dataset and
calculations.



Figure 1D.2 Oversampling of citizens, politicians, and homeowners
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Notes: Figure 1D.2 illustrates the oversampling of high-status individuals in the HIPEBA database. Oversampling
is defined as the ratio of the share of (A) citizens, (B) politicians, and (C) homeowners represented in HIPEBA
compared to their respective shares in the total population (Stelter and Alburez-Gutierrez 2022). Values above the
dashed horizontal line at 1 indicate a higher proportion of high-status individuals in the HIPEBA database relative
to the total population. Citizen estimates are calculated as detailed in Appendix 1B from the historical inflow and
outflow of citizens and historical estimates of Basel’s birth and death rates. The total number of politicians in the
total population was 258 until 1691, when it increased to 282 (Degen et al. 2017). We calculate a rough estimate
of the true number of houses from historical estimates and interpolate missing values (Basel 1798; Brenner 1952:
37; Kaufmann 1949: 102; Meier 1974: 12). Source: authors’ dataset and calculations.



1E. Summary statistics

Mean SD
Dependent variables.
Housing Wealth 1,504.16 4,840.48
Housing Wealth—Father 1,976.72 5,566.28
Housing Wealth—Paternal Grandfather 2,292.04 6,102.61
Housing Wealth—Paternal Great-Grandfather 2,456.84 6,372.00
Housing Wealth—Paternal Great-Great-Grandfather 2,730.70 6,619.28
Housing Wealth—Paternal Great-Great-Great-Grandfather 3,253.56 7,288.16
Homeownership 0.17 0.38
Homeownership—Father 0.21 0.41
Homeownership—Paternal Grandfather 0.23 0.42
Homeownership—Paternal Great-Grandfather 0.24 0.42
Homeownership—Paternal Great-Great-Grandfather 0.25 0.43
Homeownership—Paternal Great-Great-Great-Grandfather 0.29 0.45
Channel-specific variables.
Same House—Father 0.03 0.17
Housing Wealth—Father-In-Law 2,315.54 6,411.38
Homeownership—Father-In-Law 0.12 0.33
Political Position 0.04 0.19
Political Position—Father 0.06 0.24
Control variables
Age 57.87 17.68
# Sons of Father 3.49 1.98
# Daughters of Father 2.35 1.98
Occupation—Hisclass
1 — Higher managers 0.01 0.08
2 — Higher professionals 0.02 0.16
3 — Lower managers 0.00 0.02
4 — Lower professionals, clerical, and sales personnel 0.05 0.22
5 — Lower clerical and sales personnel 0.00 0.04
7 — Medium-skilled workers 0.20 0.40
8 — Farmers and fishermen 0.01 0.10
9 — Lower-skilled workers 0.10 0.30
10 — Lower-skilled farmworkers 0.00 0.05
11 — Unskilled workers 0.01 0.11
12 — Unskilled farmworkers 0.01 0.07
Unknown 0.59 0.49
Neighbourhood (based on church districts)
Cathedral 0.03 0.17
Dominicans 0.00 0.05
Franciscans 0.01 0.10
Other 0.03 0.17
Rural 0.63 0.48
St. Alban 0.02 0.14
St. Elisabeth 0.02 0.15
St. Jakob 0.00 0.06
St. Leonhard 0.06 0.24
St. Martin 0.02 0.13
St. Peter 0.06 0.23
St. Theodor 0.06 0.23
Unknown 0.06 0.24

All housing wealth values are measured in 1803 Swiss francs (CHF). Source. authors’ dataset.



Appendix 2. Mobility Estimates—Robustness Checks
2A. Homeownership and Housing Wealth Mobility, 1650-1800

In Appendix 2A, we rerun all analyses from the main manuscript, excluding sons born before 1650.
This adjustment limits the sample to father—son pairs from the period during which database coverage
approaches 100 percent. The results in Tables 2A.1-2A.6 align closely with those in the main manu-

script.

Table 2A.1. Baseline model, 1650-1800.

(a) Homeownership—linear probability model

Total Pop. Sample Citizens-only Sample
@ 2) 3) “4)

Father 0.541 *** 0.298 *** 0.086 *** 0.066 ***

(0.008) (0.012) (0.013) (0.013)
Intercept 0.049 *** 0.554 *** 0.512 *** 0.137

(0.004) (0.048) (0.011) (0.115)
Demographic Controls Yes Yes
Birth Cohort FE Yes Yes
Occupation FE Yes Yes
Neighbourhood FE Yes Yes
N 37,877 37,877 9,154 9,154
Adjusted R2 0.347 0.460 0.006 0.174
(b) Housing wealth—rank-rank
Father 0.466 *** 0.270 *** 0.183 *** 0.143 ***

(0.010) (0.012) (0.013) (0.014)
Intercept 0.044 *** 0.200 *** 0.209 *** 0.074

(0.003) (0.029) (0.006) (0.077)
Demographic Controls Yes Yes
Birth Cohort FE Yes Yes
Occupation FE Yes Yes
Neighbourhood FE Yes Yes
N 36,949 36,949 8,287 8,287
Adjusted R2 0.257 0.368 0.034 0.172

Notes: Robust standard errors are clustered by family and in parentheses. The sample is restricted to sons who died between
1650 and 1800. In panel A, the dependent variable is a dummy variable that is equal to one for individuals that owned a house.
In panel B, all variables have been percentile ranked within their birth cohort groups. The demographic controls include age,
father’s age, mother’s age (squared and unsquared), and the number of father’s sons and daughters. *** p <0.01; ** p <0.05;
*p <0.1. Source: authors’ dataset and calculations.



Table 2A.2. The role of inheritance, 1650—1800

Total Pop. Sample

Citizens-only Sample

(D 2) 3) 4)

Father 0.395 #** 0.215 #** 0.136 *** 0.100 ***

(0.010) (0.011) (0.013) (0.013)
Father—Same House 0.300 *** 0.269 *** 0.252 #** 0.222 ***

(0.009) (0.010) (0.010) (0.011)
Intercept 0.044 **x* 0.217 #** 0.200 *** 0.108

(0.002) (0.027) (0.005) (0.072)
Demographic Controls Yes Yes
Birth Cohort FE Yes Yes
Occupation FE Yes Yes
Neighbourhood FE Yes Yes
N 36,949 36,949 8,287 8,287
Adjusted R2 0.310 0.409 0.097 0.218

Notes: Robust standard errors are clustered by family and in parentheses. The sample is restricted to sons who died between
1650 and 1800. All variables have been percentile ranked within their birth cohort groups. The demographic controls include
age, father’s age, mother’s age (squared and unsquared), and the number of father’s sons and daughters. *** p <0.01; ** p <
0.05; *p<0.1.

Table 2A.3. The role of assortative mating, 1650—-1800

(a) Homeownership—Linear Probability Model

Total Pop. Sample Citizens-only Sample

(1 () 3) 4)
Father 0.420 *** 0.28] *** 0.070 *** 0.061 ***
(0.013) (0.015) (0.015) (0.015)
Father-in-law 0.342 *** 0.204 *** 0.075 *** 0.062 ***
(0.012) (0.012) (0.015) (0.014)
Intercept 0.030 *** 0.457 *** 0.573 *** 0.223
(0.003) (0.057) (0.016) (0.160)
Demographic Controls Yes Yes
Birth Cohort FE Yes Yes
Occupation FE Yes Yes
Neighbourhood FE Yes Yes
N 22,095 22,095 5,149 5,149
R2 0.503 0.565 0.010 0.130
(b) Housing wealth—rank-rank
Father 0.399 *** 0.270 *** 0.195 *** 0.154 ***
(0.014) (0.016) (0.017) (0.018)
Father-in-law 0.324 *** 0.201 *** 0.155 *** 0.123 ***
(0.012) (0.013) (0.015) (0.015)
Intercept 0.026 *** 0.099 ** 0.210 *** -0.033
(0.002) (0.040) (0.008) (0.111)
Demographic Controls Yes Yes
Birth Cohort FE Yes Yes
Occupation FE Yes Yes
Neighbourhood FE Yes Yes
N 21,579 21,579 4,656 4,656
R2 0.405 0.475 0.067 0.183

Notes: Robust standard errors are clustered by family and in parentheses. In panel A, the dependent variable is a dummy
variable that is equal to one for individuals that owned a house. In panel B, all variables have been percentile ranked within
their birth cohort groups. The demographic controls include age, father’s age, mother’s age (squared and unsquared), and the
number of father’s sons and daughters. *** p <0.01; ** p <0.05; * p <0.1. Source: authors’ dataset and calculations.



Table 2A.4. The role of political power, 1650—1800

(a) Homeownership—Ilinear probability model

Total Pop. Sample Citizens-only Sample

(@) 2) 3) “4)
Father 0.460 *** 0.266 *** 0.069 *** 0.056 ***
(0.009) (0.012) (0.012) (0.013)
Political Position 0.421 *** 0.292 *** 0.269 *** 0.135 ***
(0.019) (0.019) (0.018) (0.018)
Father Pol. Position 0.176 *** 0.115 *** 0.064 *** 0.052 ***
(0.019) (0.017) (0.017) (0.015)
Pol. Position x -0.220 *** -0.130 *** -0.053 * -0.013
Father Pol. Position (0.031) (0.029) (0.030) (0.029)
Intercept 0.043 *** 0.575 *** 0.478 *** 0.165
(0.004) (0.048) (0.011) (0.115)
Demographic Controls Yes Yes
Birth Cohort FE Yes Yes
Occupation FE Yes Yes
Neighbourhood FE Yes Yes
N 37,877 37,877 9,154 9,154
R2 0.388 0.478 0.040 0.183
(b) Housing wealth—rank-rank
Father 0.355 *** 0.217 *** 0.137 *** 0.118 ***
(0.011) (0.012) (0.013) (0.014)
Political Position 0.274 *** 0.202 *** 0.189 *** 0.124 ***
(0.014) (0.015) (0.014) (0.015)
Father Pol. Position 0.122 *** 0.079 *** 0.057 *** 0.041 ***
(0.012) (0.012) (0.011) (0.010)
Pol. Position x -0.098 *** -0.042 * 0.002 0.014
Father Pol. Position (0.024) (0.023) (0.024) (0.023)
Intercept 0.042 *** 0.223 *** 0.187 *** 0.099
(0.002) (0.028) (0.006) (0.077)
Demographic Controls Yes Yes
Birth Cohort FE Yes Yes
Occupation FE Yes Yes
Neighbourhood FE Yes Yes
N 36,949 36,949 8,287 8,287
R2 0.323 0.402 0.093 0.196

Notes: Robust standard errors are clustered by family and in parentheses. In panel A, the dependent variable is a dummy
variable that is equal to one for individuals that owned a house. In panel B, all variables have been percentile ranked within
their birth cohort groups. The demographic controls include age, father’s age, mother’s age (squared and unsquared), and the
number of father’s sons and daughters. *** p <0.01; ** p <0.05; * p <0.1. Source: authors’ dataset and calculations.



Table 2A.5. Transmission Channels, 1650—-1800

Total Pop. Sample Citizens-only Sample
) 2) 3) “4)
Father 0.369 *** 0.255 *** 0.054 *** 0.053 ***
(0.014) (0.015) (0.015) (0.015)
Father-in-law 0.307 *** 0.190 *** 0.063 *** 0.057 ***
(0.012) (0.012) (0.015) (0.014)
Political Position 0.300 *** 0.226 *** 0.184 *** 0.089 ***
(0.022) (0.022) (0.021) (0.022)
Father Pol. Position 0.149 *** 0.110 *** 0.064 *** 0.046 ***
(0.022) (0.020) (0.019) (0.018)
Pol. Position x -0.204 *** -0.141 *** -0.053 -0.006
Father Pol. Position (0.034) (0.033) (0.033) (0.032)
Intercept 0.028 *** 0.478 *** 0.548 *** 0.238
(0.003) (0.055) (0.016) (0.159)
Demographic Controls Yes Yes
Birth Cohort FE Yes Yes
Occupation FE Yes Yes
Neighbourhood FE Yes Yes
N 22,095 22,095 5,149 5,149
R2 0.526 0.586 0.034 0.138
(b) Housing wealth—rank-rank
Father 0.268 *** 0.178 *** 0.112 *** 0.090 ***
(0.014) (0.015) (0.016) (0.017)
Father - Same House 0.231 *** 0.218 *** 0.196 *** 0.186 ***
(0.011) (0.011) (0.011) (0.011)
Father-in-law 0.261 *** 0.169 *** 0.123 *** 0.106 ***
(0.012) (0.013) (0.015) (0.014)
Political Position 0.209 *** 0.163 *** 0.146 *** 0.097 ***
(0.016) (0.017) (0.016) (0.017)
Father Pol. Position 0.096 *** 0.069 *** 0.051 *** 0.033 **
(0.015) (0.015) (0.015) (0.014)
Pol. Position x -0.091 *** -0.048 * -0.005 0.016
Father Pol. Position (0.026) (0.026) (0.027) (0.026)
Intercept 0.028 *** 0.142 *** 0.188 *** 0.048
(0.002) (0.036) (0.008) (0.106)
Demographic Controls Yes Yes
Birth Cohort FE Yes Yes
Occupation FE Yes Yes
Neighbourhood FE Yes Yes
N 21,579 21,579 4,656 4,656
R2 0.323 0.402 0.093 0.196

Notes: Robust standard errors are clustered by family and in parentheses. In panel A, the dependent variable is a dummy
variable that is equal to one for individuals that owned a house. In panel B, all variables have been percentile ranked within
their birth cohort groups. *** p <0.01; ** p <0.05; * p <0.1. Source: authors’ dataset and calculations.
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Table 2A.6. Multigenerational mobility, 1650 —1800

(a) Homeownership—Ilinear probability model

Total Pop. Sample Citizens-only Sample
€9) 2) 3) “4) 5 (©) @) ()]
Father 0.334 *** (245 ***% () 182 *** 0.168 *%** 0.066 ***  0.069 *** (.063 *** (.77 ***
(0.010) (0.014) (0.017) (0.019) (0.014) (0.016) (0.018) (0.020)
Grandfather 0.296 *** (0210 ***  (.166 *** 0.136 *** 0.042 ***  (.028 * 0.027 0.032
(0.010) (0.014) (0.017) (0.021) (0.014) (0.016) (0.018) (0.021)
4th Generation 0.196 ***  (.163 *** 0.122 *%** 0.042 **  0.048 **  0.027
(0.014) (0.017) (0.022) (0.017) (0.021) (0.023)
5th Generation 0.15] *%** 0.139 *%** 0.049 *** (.051 **
(0.019) (0.019) (0.019) (0.020)
6th Generation 0.113 **=* 0.041
(0.024) (0.025)
Intercept 0.030 *** (0,021 ***  (.017 *** 0.015 *%** 0.495 *** (0,460 *** (419 *** (390 ***
(0.003) (0.003) (0.003) (0.003) (0.015) (0.022) (0.026) (0.035)
N 27,040 19,523 13,291 8,544 7,276 5,657 4,262 3,118
R2 0.408 0.422 0.424 0.423 0.005 0.006 0.008 0.011

(b) Housing wealth—rank-rank

Father 0.318 *** (.261 ***  (.243 **=* 0.228 *** 0.153 *** (0,142 *** (.143 *** (,148 ***
(0.011) (0.014) (0.017) (0.022) (0.014) (0.016) (0.019) (0.023)
Grandfather 0.250 *** (0,187 ***  ().]148 *** 0.133 *%%* 0.090 ***  0.077 *** 0.060 *** (.069 ***
(0.012) (0.017) (0.019) (0.025) (0.014) (0.016) (0.018) (0.022)
4th Generation 0.156 ***  (.108 *** 0.109 *** 0.055 *** 0.031 0.043 **
(0.016) (0.019) (0.022) (0.016) (0.019) (0.022)
5th Generation 0.126 *** 0.090 *** 0.052 *** (0.038 *
(0.018) (0.021) (0.019) (0.022)
6th Generation 0.072 **=* 0.003
(0.021) (0.020)
Intercept 0.036 *** (.032 ***  (.030 *** 0.028 *%*%* 0.193 *** (183 *** (183 *** (.176 ***
(0.002) (0.002) (0.002) (0.003) (0.007) (0.009) (0.011) (0.015)
N 25,927 18,379 12,216 7,632 6,213 4,555 3,220 2,226
R2 0.312 0.330 0.338 0.343 0.038 0.039 0.037 0.041

Notes: Robust standard errors are clustered by family and in parentheses. In panel A, the dependent variable is a dummy
variable that is equal to one for individuals that owned a house. In panel B, all variables have been percentile ranked within
their birth cohort groups. *** p <0.01; ** p <0.05; * p <0.1. Source: authors’ dataset and calculations.

11



2B. Homeownership and Housing Wealth Mobility Without Network-Based Matches

In Appendix 2B, we rerun all analyses from the main manuscript, excluding homeowners matched to
individuals in the HIPEBA database based on kinship distance. The results, presented in Tables 2B.1-

2B.6, closely align with those in the main manuscript.

Table 2B.1. Baseline model without network-based matches

(a) Homeownership—Ilinear probability model

Total Pop. Sample Citizens-only Sample

Q) (@) 3) “)
Father 0.461 *** 0.200 *** 0.063 *** 0.059 ***
(0.010) (0.011) (0.011) (0.010)
Intercept 0.069 *** -0.026 0.473 *** -0.128
(0.006) (0.073) (0.009) (0.134)
Demographic Controls Yes Yes
Birth Cohort FE Yes Yes
Occupation FE Yes Yes
Neighbourhood FE Yes Yes
N 39,070 39,070 9,400 9,400
Adjusted R2 0.224 0.404 0.004 0.199
(b) Housing wealth—rank-rank
Father 0.393 *** 0.200 *** 0.143 *** 0.117 ***
(0.012) (0.013) (0.014) (0.014)
Intercept 0.054 *** 0.047 0.200 *** 0.072
(0.003) (0.042) (0.005) (0.083)
Demographic Controls Yes Yes
Birth Cohort FE Yes Yes
Occupation FE Yes Yes
Neighbourhood FE Yes Yes
N 38,159 38,159 8,582 8,582
Adjusted R2 0.165 0.315 0.022 0.175

Notes: Robust standard errors are clustered by family and in parentheses. The sample excludes homeowners who have been
matched to individuals in the HIPEBA database based on kinship networks. In panel A, the dependent variable is a dummy
variable that is equal to one for individuals that owned a house. In panel B, all variables have been percentile ranked within
their birth cohort groups. The demographic controls include age, father’s age, mother’s age (squared and unsquared), and the
number of father’s sons and daughters. *** p <0.01; ** p <0.05; * p <0.1. Source: authors’ dataset and calculations.
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Table 2B.2. The role of inheritance without network-based matches

Total Pop. Sample

Citizens-only Sample

() ) 3) )
Father 0.317 #*x* 0.149 #** 0.098 #** 0.078 ***
(0.010) (0.012) (0.012) (0.013)
Father—Same House 0.3571 #** 0.297 #** 0.283 #** 0.236 ***
(0.010) (0.010) (0.011) (0.011)
Intercept 0.053 #*x* 0.079 ** 0.188 #** 0.124
(0.003) (0.040) (0.005) (0.079)
Demographic Controls Yes Yes
Birth Cohort FE Yes Yes
Occupation FE Yes Yes
Neighbourhood FE Yes Yes
N 38,159 38,159 8,582 8,582
Adjusted R2 0.239 0.366 0.094 0.223

Notes: Robust standard errors are clustered by family and in parentheses. The sample excludes homeowners who have been
matched to individuals in the HIPEBA database based on kinship networks. In panel A, the dependent variable is a dummy
variable that is equal to one for individuals that owned a house. In panel B, all variables have been percentile ranked within
their birth cohort groups. The demographic controls include age, father’s age, mother’s age (squared and unsquared), and the
number of father’s sons and daughters. *** p <0.01; ** p <0.05; * p <0.1. Source: authors’ dataset and calculations.
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Table 2B.3 The role of assortative mating without network-based matches

(a) Homeownership—linear probability model

Total Pop. Sample

Citizens-only Sample

(@) 2) 3) “)
Father 0.389 *** 0.202 *** 0.056 *** 0.057 ***
(0.013) (0.014) (0.014) (0.014)
Father-in-law 0.359 *** 0.157 *** 0.058 *** 0.045 ***
(0.012) (0.013) (0.015) (0.014)
Intercept 0.050 *** -0.014 0.565 *** -0.250
(0.005) (0.109) (0.013) (0.202)
Demographic Controls Yes Yes
Birth Cohort FE Yes Yes
Occupation FE Yes Yes
Neighbourhood FE Yes Yes
N 22,040 22,040 4,925 4,925
R2 0.381 0.510 0.007 0.148
(b) Housing wealth—rank-rank
Father 0.364 *** 0.204 *** 0.154 *** 0.123 ***
(0.016) (0.018) (0.018) (0.019)
Father-in-law 0.336 *** 0.179 *** 0.135 *** 0.106 ***
(0.014) (0.014) (0.017) (0.015)
Intercept 0.032 *** 0.044 0.228 *** -0.081
(0.003) (0.074) (0.008) (0.133)
Demographic Controls Yes Yes
Birth Cohort FE Yes Yes
Occupation FE Yes Yes
Neighbourhood FE Yes Yes
N 21,573 21,573 4,493 4,493
R2 0.308 0.423 0.046 0.168

Notes: Robust standard errors are clustered by family and in parentheses. The sample excludes homeowners who have been
matched to individuals in the HIPEBA database based on kinship networks. In panel A, the dependent variable is a dummy
variable that is equal to one for individuals that owned a house. In panel B, all variables have been percentile ranked within
their birth cohort groups. The demographic controls include age, father’s age, mother’s age (squared and unsquared), and the
number of father’s sons and daughters. *** p <0.01; ** p <0.05; * p <0.1. Source: authors’ dataset and calculations.
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Table 2B.4. The role of political power without network-based matches

(a) Homeownership—Ilinear probability model

Total Pop. Sample

Citizens-only Sample

(@) ) 3) “)
Father 0.369 *** 0.169 *** 0.044 *** 0.047 ***
(0.010) (0.011) (0.011) (0.011)
Political Position 0.546 *** 0.350 *** 0.337 *** 0.180 ***
(0.017) (0.017) (0.016) (0.017)
Father Pol. Position 0.143 *** 0.075 *** 0.034 * 0.035 *
(0.021) (0.019) (0.020) (0.018)
Pol. Position x -0.252 *** -0.1171 *** -0.039 -0.007
Father Pol. Position (0.032) (0.033) (0.032) (0.033)
Intercept 0.059 *** -0.077 0.431 *** -0.179
(0.005) (0.069) (0.009) (0.131)
Demographic Controls Yes Yes
Birth Cohort FE Yes Yes
Occupation FE Yes Yes
Neighbourhood FE Yes Yes
N 39,070 39,070 9,400 9,400
R2 0.294 0.432 0.056 0.214
(b) Housing wealth—rank-rank
Father 0.286 *** 0.158 *** 0.107 *** 0.095 ***
(0.013) (0.013) (0.015) (0.014)
Political Position 0.309 *** 0.214 *** 0.209 *** 0.136 ***
(0.012) (0.012) (0.012) (0.013)
Father Pol. Position 0.090 *** 0.045 *** 0.026 ** 0.019
(0.013) (0.012) (0.013) (0.012)
Pol. Position x -0.080 *** -0.013 0.022 0.033
Father Pol. Position (0.025) (0.025) (0.026) (0.025)
Intercept 0.050 *** 0.024 0.175 *** 0.035
(0.002) (0.040) (0.005) (0.082)
Demographic Controls Yes Yes
Birth Cohort FE Yes Yes
Occupation FE Yes Yes
Neighbourhood FE Yes Yes
N 38,159 38,159 8,582 8,582
R2 0.256 0.357 0.092 0.204

Notes: Robust standard errors are clustered by family and in parentheses. The sample excludes homeowners who have been
matched to individuals in the HIPEBA database based on kinship networks. In panel A, the dependent variable is a dummy
variable that is equal to one for individuals that owned a house. In panel B, all variables have been percentile ranked within
their birth cohort groups. The demographic controls include age, father’s age, mother’s age (squared and unsquared), and the
number of father’s sons and daughters. *** p <0.01; ** p <0.05; * p <0.1. Source: authors’ dataset and calculations.
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Table 2B.5. Transmission channels without network-based matches

(a) Homeownership—Ilinear probability model

Total Pop. Sample

Citizens-only Sample

1) (2) 3) (4)
Father 0.323 *** 0.175 *** 0.039 *** 0.045 ***
(0.013) (0.014) (0.014) (0.014)
Father-in-law 0.304 *** 0.140 *** 0.04] *** 0.038 ***
(0.012) (0.013) (0.015) (0.014)
Political Position 0.424 *** 0.278 *** 0.237 #** 0.129 ***
(0.020) (0.019) (0.019) (0.020)
Father Pol. Position 0.134 *** 0.076 *** 0.038 0.031
(0.026) (0.023) (0.024) (0.022)
Pol. Position x -0.256 *** -0.130 *** -0.043 -0.002
Father Pol. Position (0.037) (0.038) (0.036) (0.037)
Intercept 0.045 *** -0.081 0.532 #** -0.280
(0.004) (0.108) (0.013) (0.198)
Demographic Controls Yes Yes
Birth Cohort FE Yes Yes
Occupation FE Yes Yes
Neighbourhood FE Yes Yes
N 22,040 22,040 4,925 4,925
R2 0.425 0.528 0.043 0.158
(b) Housing wealth—rank-rank
Father 0.218 *** 0.12] *** 0.080 *** 0.062 ***
(0.017) (0.017) (0.018) (0.018)
Father — Same House 0.263 *** 0.232 #** 0.208 *** 0.194 ***
(0.013) (0.013) (0.012) (0.013)
Father-in-law 0.259 #** 0.15] *** 0.108 *** 0.090 ***
(0.013) (0.013) (0.016) (0.014)
Political Position 0.237 *** 0.165 *** 0.15] *** 0.103 ***
(0.014) (0.014) (0.014) (0.015)
Father Pol. Position 0.092 *** 0.053 *** 0.034 * 0.024
(0.019) (0.018) (0.019) (0.017)
Pol. Position x -0.098 *** -0.032 0.011 0.025
Father Pol. Position (0.030) (0.030) (0.031) (0.030)
Intercept 0.035 *** 0.039 0.196 *** -0.012
(0.002) (0.077) (0.008) (0.124)
Demographic Controls Yes Yes
Birth Cohort FE Yes Yes
Occupation FE Yes Yes
Neighbourhood FE Yes Yes
N 21,573 21,573 4,493 4,493
R2 0.406 0.480 0.141 0.225

Notes: Robust standard errors are clustered by family and in parentheses. The sample excludes homeowners who have been
matched to individuals in the HIPEBA database based on kinship networks. In panel A, the dependent variable is a dummy
variable that is equal to one for individuals that owned a house. In panel B, all variables have been percentile ranked within
their birth cohort groups. The demographic controls include age, father’s age, mother’s age (squared and unsquared), and the
number of father’s sons and daughters. *** p <0.01; ** p <0.05; * p <0.1. Source: authors’ dataset and calculations.
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Table 2B.6. Multigenerational mobility without network-based matches

(a) Homeownership—Ilinear probability model

Total Pop. Sample Citizens-only Sample
€9) 2 3) “4) ©)] (©) )] (©)]
Father 0.316 *** (.254 ***  (.20] *** 0.175 *%** 0.051 ***  0.057 *** 0.063 *** (.070 ***
(0.010) (0.013) (0.017) (0.021) (0.013) (0.014) (0.018) (0.020)
Grandfather 0.265 *** (0,188 ***  ().]156 *** 0.142 *%* 0.016 0.017 0.031 * 0.044 **
(0.011) (0.014) (0.014) (0.018) (0.013) (0.015) (0.016) (0.019)
4th Generation 0.193 *** (), 135 *** 0.105 *%** 0.019 0.021 0.011
(0.013) (0.017) (0.023) (0.015) (0.018) (0.022)
5th Generation 0.183 *%** 0.143 *%* 0.057 *** (.038 **
(0.016) (0.017) (0.017) (0.019)
6th Generation 0.135 *%* 0.026
(0.017) (0.020)
Intercept 0.050 *** (0.036 ***  (.027 *** 0.026 *%** 0.465 *** (0,436 *** () 384 *** () 380 ***
(0.005) (0.004) (0.004) (0.005) (0.012) (0.016) (0.019) (0.025)
N 27,362 19,310 12,855 8,124 7,234 5,345 3,809 2,699
R2 0.280 0.308 0.331 0.337 0.003 0.004 0.009 0.010

(b) Housing wealth—rank-rank

Father 0.287 *** (253 *** () 226 *¥** 0.209 **=* 0.118 ***  (0.116 *** (.120 *** (.123 ***
(0.013) (0.017) (0.020) (0.026) (0.016) (0.018) (0.021) (0.023)
Grandfather 0.223 *** (171 ***  (.164 *** 0.159 **=* 0.058 ***  (0.056 *** (.065 *** (.073 ***
(0.015) (0.017) (0.019) (0.024) (0.016) (0.018) (0.021) (0.026)
4th Generation 0.151 ***  (.083 *** 0.075 ** 0.040 **  0.014 0.020
(0.018) (0.025) (0.030) (0.017) (0.020) (0.025)
5th Generation 0.152 *%%* 0.102 *%** 0.060 *** 0.023
(0.022) (0.026) (0.023) (0.029)
6th Generation 0.112 *** 0.032
(0.020) (0.019)
Intercept 0.045 *** (0,039 ***  (.033 *** 0.031 *** 0.196 ***  (0.186 *** (.177 *** (.181 ***
(0.003) (0.003) (0.003) (0.003) (0.006) (0.008) (0.009) (0.012)
N 26,363 18,367 12,027 7,450 6,299 4,437 3,005 2,034
R2 0.209 0.237 0.263 0.273 0.022 0.025 0.030 0.031

Notes: Robust standard errors are clustered by family and in parentheses. The sample excludes homeowners who have been
matched to individuals in the HIPEBA database based on kinship networks. In panel A, the dependent variable is a dummy
variable that is equal to one for individuals that owned a house. In panel B, all variables have been percentile ranked within
their birth cohort groups. *** p <0.01; ** p <0.05; * p <0.1. Source: authors’ dataset and calculations.
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2C. Multigenerational Mobility, With Controls

In Appendix 2C, we rerun the multigenerational mobility model and include controls. Table 2C.1 adds

controls to the regression model from the main manuscript. Tables 2C.2-2C.4 add group-specific con-

trols (neighbourhood, occupation, and surname fixed effects). Table 2C.5 excludes sons born before

1650 from the sample. Table 2C.6 excludes network-based matches from the sample.

Table 2C.1 Multigenerational mobility, with controls

(a) Homeownership—linear probability model

Total Pop. Sample

Citizens-only Sample

(1) 2) 3) 4) ) (6) () (®)
Father 0.191 *** (.155 ***  (0.125 ***  (.]113 *** 0.040 *** 0.044 *** (0.044 ** 0.046 **
(0.012) (0.014) (0.016) (0.019) (0.014) (0.016)  (0.020) (0.023)
Grandfather 0.166 *** (.125 ***  (0.107 ***  0.096 *** 0.038 ***  0.023 * 0.021 0.024
(0.011) (0.014) (0.017) (0.020) (0.012) (0.013)  (0.017)  (0.021)
4th Generation 0.121 ***  0.107 ***  0.084 *** 0.031 ** 0.037 **  0.028
(0.013) (0.017) (0.021) (0.013)  (0.017)  (0.020)
5th Generation 0.099 ***  (.087 *** 0.051 *** 0.032 *
(0.016) (0.017) (0.015)  (0.017)
6th Generation 0.069 *** 0.024
(0.020) (0.022)
Intercept -0.106 -0.216 0.004 -0.034 -0.188  0.333 ** -0.530 *** -0.615
(0.109) (0.345) (0.087) (0.291) (0.166) (0.149)  (0.169) (0.416)
Demographic Controls Yes Yes Yes Yes Yes Yes Yes Yes
Birth Cohort FE Yes Yes Yes Yes Yes Yes Yes Yes
Occupation FE Yes Yes Yes Yes Yes Yes Yes Yes
Neighbourhood FE Yes Yes Yes Yes Yes Yes Yes Yes
N 28,592 20,197 13,482 8,574 8,413 6,204 4,429 3,146
R2 0.481 0.484 0.486 0.493 0.186 0.192 0.190 0.200
(b) Housing wealth—rank-rank
Father 0.182 *** (.165 ***  (0.161 ***  (.157 *** 0.104 *** 0.095 *** (.095 *** (.112 ***
(0.012) (0.015) (0.018) (0.023) (0.014) (0.017)  (0.022)  (0.026)
Grandfather 0.138 ***  (.113 ***  (.098 ***  (.09] *** 0.073 *** 0.068 *** 0.054 *** 0.050 **
(0.012) (0.015) (0.019) (0.023) (0.012) (0.014)  (0.016) (0.021)
4th Generation 0.084 ***  0.055 ***  0.064 *** 0.035**  0.020  0.036 *
(0.014) (0.017) (0.021) (0.015)  (0.017)  (0.019)
5th Generation 0.067 *** 0.036 * 0.034*  0.008
(0.017) (0.020) (0.018)  (0.022)
6th Generation 0.036 * 0.003
(0.020) (0.022)
Intercept 0.014 -0.309 *** -0.006 0.270 *** 0.094 -0.216**  -0.028 0.199
(0.067) (0.045) (0.155) (0.104) (0.206) (0.099)  (0.189) (0.146)
Demographic Controls Yes Yes Yes Yes Yes Yes Yes Yes
Birth Cohort FE Yes Yes Yes Yes Yes Yes Yes Yes
Occupation FE Yes Yes Yes Yes Yes Yes Yes Yes
Neighbourhood FE Yes Yes Yes Yes Yes Yes Yes Yes
N 27,268 18,910 12,368 7,652 7,184 4,982 3,352 2,244
R2 0.388 0.400 0.410 0.430 0.185 0.197 0.199 0.223

Notes: Robust standard errors are clustered by family and in parentheses. In panel A, the dependent variable is a dummy variable that
is equal to one for individuals that owned a house. In panel B, all variables have been percentile ranked within their birth cohort
groups. The demographic controls include age, father’s age, mother’s age (squared and unsquared), and the number of father’s sons
and daughters. *** p <0.01; ** p <0.05; * p <0.1. Source: authors’ dataset and calculations.
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Table 2C.2 Multigenerational mobility, with neighbourhood fixed effects

(a) Homeownership—linear probability model

Total Pop. Sample

Citizens-only Sample

Q)] @) 3) “) ) (6) @) (®)
Father 0.207 ***  0.165 ***  (0.133 ***  (.122 *** 0.051 *** 0.056 *** (.056 *** 0.063 ***
(0.012) (0.014) (0.017) (0.020) (0.013) (0.016)  (0.020)  (0.022)
Grandfather 0.174 *** (0.131 ***  (0.113 ***  (.093 *** 0.037 ***  0.022 0.025 0.025
(0.012) (0.014) (0.017) (0.021) (0.014) (0.015)  (0.018) (0.022)
4th Generation 0.130 ***  (0.117 ***  0.089 *** 0.045 *** 0.051 **  0.029
(0.014) (0.018) (0.023) (0.016)  (0.020)  (0.024)
5th Generation 0.103 ***  (.097 *** 0.041 ** 0.040 **
(0.017) (0.018) (0.018)  (0.019)
6th Generation 0.081 *** 0.035
(0.022) (0.025)
Intercept -0.096 -0.208 0.014 -0.021 0.316 *** 0.296 *** (.296 *** (.295 ***
(0.109) (0.3406) (0.087) (0.291) (0.028) (0.031)  (0.035) (0.039)
Demographic Controls No No No No No No No No
Birth Cohort FE No No No No No No No No
Surname FE No No No No No No No No
Occupation FE No No No No No No No No
Neighbourhood FE Yes Yes Yes Yes Yes Yes Yes Yes
N 28,592 20,197 13,482 8,574 8,413 6,204 4,429 3,146
R2 0.441 0.445 0.444 0.443 0.029 0.035 0.036 0.038
(b) Housing wealth—rank-rank
Father 0.206 *** (.188 ***  (.182 ***  (.175 *** 0.133 #** (.129 *** (.131 *** (.134 ***
(0.013) (0.015) (0.018) (0.023) (0.014) (0.016)  (0.020)  (0.025)
Grandfather 0.147 *** (0.119 ***  0.101 ***  0.096 *** 0.080 *** 0.073 *** (.060 *** 0.065 ***
(0.013) (0.016) (0.019) (0.024) (0.013) (0.015)  (0.017)  (0.022)
4th Generation 0.088 ***  0.056 ***  0.071 *** 0.042 ***  0.022 0.038 *
(0.015) (0.019) (0.022) (0.016)  (0.019) (0.022)
Sth Generation 0.082 ***  (.052 *** 0.050 *** 0.030
(0.018) (0.020) (0.019)  (0.021)
6th Generation 0.039 * 0.005
(0.021) (0.021)
Intercept 0.023 *#** (0.023 ***  (0.022 ***  (.022 *** 0.128 *** (.124 *** (.125 *** (.125 ***
(0.000) (0.001) (0.001) (0.001) (0.015) (0.017)  (0.020)  (0.023)
Demographic Controls No No No No No No No No
Birth Cohort FE No No No No No No No No
Surname FE No No No No No No No No
Occupation FE No No No No No No No No
Neighbourhood FE Yes Yes Yes Yes Yes Yes Yes Yes
N 27,268 18,910 12,368 7,652 7,184 4,982 3,352 2,244
R2 0.348 0.359 0.366 0.373 0.053 0.060 0.058 0.066

Notes: Robust standard errors are clustered by family and in parentheses. In panel A, the dependent variable is a dummy variable that
is equal to one for individuals that owned a house. In panel B, all variables have been percentile ranked within their birth cohort
groups. The demographic controls include age, father’s age, mother’s age (squared and unsquared), and the number of father’s sons
and daughters. *** p <0.01; ** p <0.05; * p <0.1. Source: authors’ dataset and calculations.
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Table 2C.3 Multigenerational mobility, with occupation fixed effects

(a) Homeownership—linear probability model

Total Pop. Sample Citizens-only Sample
€)) (2) (3) “) (%) (6) @) ©)
Father 0.306 *** (.228 *** (0,172 ***  (.]155 **=* 0.054 *** 0.057 *** (.054 *** (0.058 ***
(0.010) (0.013) (0.016) (0.019) (0.013) (0.015)  (0.018)  (0.020)
Grandfather 0.264 *** (0,197 ***  (.162 ***  (.129 *** 0.045 *** (0.032 **  0.032 * 0.027
(0.010) (0.014) (0.017) (0.021) (0.013) (0.015)  (0.018) (0.022)
4th Generation 0.175 ***  (0.153 ***  (0.119 *** 0.043 *** 0.048 **  0.024
(0.013) (0.017) (0.021) (0.015)  (0.019) (0.022)
5th Generation 0.130 *** (.13 *** 0.041 ** 0.043 **
(0.018) (0.018) (0.018)  (0.019)
6th Generation 0.106 *** 0.038
(0.024) (0.025)
Intercept 0.132 *** (0,128 *** (0,121 ***  (.143 *** 0.627 *** (0.599 *** (.53] *** (.555 ***
(0.031) (0.034) (0.041) (0.051) (0.049) (0.053)  (0.066) (0.082)
Demographic Controls No No No No No No No No
Birth Cohort FE No No No No No No No No
Surname FE No No No No No No No No
Occupation FE Yes Yes Yes Yes Yes Yes Yes Yes
Neighbourhood FE No No No No No No No No
N 28,592 20,197 13,482 8,574 8,413 6,204 4,429 3,146
R2 0.415 0.427 0.431 0.432 0.051 0.051 0.050 0.055

(b) Housing wealth—rank-rank

Father 0.273 *** (0.232 ***  (.215 ***  (.206 *** 0.128 *** (0,122 *** (121 *** (.125 ***
(0.011) (0.014) (0.017) (0.022) (0.014) (0.016)  (0.019) (0.023)
Grandfather 0.211 ***  (0.164 ***  0.140 ***  (0.122 *** 0.079 *** 0.073 *** 0.061 *** 0.066 ***
(0.012) (0.016) (0.018) (0.024) (0.012) (0.014)  (0.017)  (0.022)
4th Generation 0.130 ***  0.090 ***  0.100 *** 0.045 ***  0.024 0.039 *
(0.014) (0.017) (0.021) (0.015)  (0.017)  (0.020)
Sth Generation 0.106 ***  (0.074 *** 0.041 **  0.024
(0.018) (0.020) (0.018)  (0.021)
6th Generation 0.066 *** 0.007
(0.020) (0.020)
Intercept 0.114 *** (0.116 ***  0.130 ***  (0.143 *** 0.335 *** (.342 *** (.360 *** (.374 ***
(0.023) (0.027) (0.033) (0.043) (0.040) (0.045)  (0.055) (0.065)
Demographic Controls No No No No No No No No
Birth Cohort FE No No No No No No No No
Surname FE No No No No No No No No
Occupation FE Yes Yes Yes Yes Yes Yes Yes Yes
Neighbourhood FE No No No No No No No No
N 27,268 18,910 12,368 7,652 7,184 4,982 3,352 2,244
R2 0.324 0.341 0.352 0.361 0.071 0.075 0.075 0.083

Notes: Robust standard errors are clustered by family and in parentheses. In panel A, the dependent variable is a dummy variable that
is equal to one for individuals that owned a house. In panel B, all variables have been percentile ranked within their birth cohort
groups. The demographic controls include age, father’s age, mother’s age (squared and unsquared), and the number of father’s sons
and daughters. *** p <0.01; ** p <0.05; * p <0.1. Source: authors’ dataset and calculations.
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Table 2C.4 Multigenerational mobility, with surname fixed effects

(a) Homeownership—linear probability model

Total Pop. Sample

Citizens-only Sample

€)) @) 3) “) (%) (6) @) ©)
Father 0.174 *** 0,128 ***  (.098 ***  (.089 *** 0.008 0.014 0.020 0.041 *
(0.017) (0.016) (0.019) (0.021) (0.014) (0.017)  (0.021)  (0.022)
Grandfather 0.161 *** 0.116 ***  0.096 ***  (0.071 *** 0.001 -0.013 0.007 0.016
(0.019) (0.019) (0.021) (0.026) (0.017) (0.019)  (0.021)  (0.026)
4th Generation 0.116 ***  (0.097 ***  (0.087 *** 0.009 0.014 0.031
(0.018) (0.023) (0.030) (0.019)  (0.024) (0.031)
5th Generation 0.078 ***  (0.092 *** 0.012  0.054 **
(0.021) (0.023) (0.023)  (0.025)
6th Generation 0.051 * 0.014
(0.027) (0.033)
Intercept 0.227 *** 0.267 ***  0.360 ***  0.203 *** 0.350 *** (.397 *** (.532 *** (.38] ***
(0.008) (0.008) (0.012) (0.021) (0.005) (0.007)  (0.012) (0.021)
Demographic Controls No No No No No No No No
Birth Cohort FE No No No No No No No No
Surname FE Yes Yes Yes Yes Yes Yes Yes Yes
Occupation FE No No No No No No No No
Neighbourhood FE No No No No No No No No
N 28,592 20,197 13,482 8,574 8,413 6,204 4,429 3,146
R2 0.471 0.476 0.480 0.474 0.076 0.080 0.094 0.080
(b) Housing wealth—rank-rank
Father 0.165 *** (.142 ***  (.131 ***  (.137 *** 0.089 *** (.082 *** (.080 *** (.098 ***
(0.016) (0.017) (0.021) (0.027) (0.016) (0.018)  (0.023)  (0.030)
Grandfather 0.109 *** (0.094 ***  (.080 *** 0.058 ** 0.030 **  0.038 ** 0.040 **  0.025
(0.018) (0.018) (0.023) (0.028) (0.015) (0.015)  (0.020) (0.023)
4th Generation 0.063 ***  0.047 ** 0.055 ** 0.003 0.005 0.022
(0.020) (0.024) (0.028) (0.018)  (0.024) (0.029)
Sth Generation 0.051 ** 0.028 0.017 0.009
(0.024) (0.026) (0.027)  (0.031)
6th Generation 0.008 -0.032
(0.025) (0.030)
Intercept 0.099 *** 0.110 ***  (.139 ***  (.081 *** 0.097 *** (.108 *** (.142 *** (.09] ***
(0.002) (0.002) (0.004) (0.006) (0.002) (0.002)  (0.004) (0.008)
Demographic Controls No No No No No No No No
Birth Cohort FE No No No No No No No No
Surname FE Yes Yes Yes Yes Yes Yes Yes Yes
Occupation FE No No No No No No No No
Neighbourhood FE No No No No No No No No
N 27,268 18,910 12,368 7,652 7,184 4,982 3,352 2,244
R2 0.389 0.400 0.405 0.408 0.114 0.115 0.110 0.114

Notes: Robust standard errors are clustered by family and in parentheses. In panel A, the dependent variable is a dummy variable that
is equal to one for individuals that owned a house. In panel B, all variables have been percentile ranked within their birth cohort
groups. The demographic controls include age, father’s age, mother’s age (squared and unsquared), and the number of father’s sons
and daughters. *** p <0.01; ** p <0.05; * p <0.1. Source: authors’ dataset and calculations.
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Table 2C.5 Multigenerational mobility, with controls, 1650-1800

(a) Homeownership—linear probability model

Total Pop. Sample Citizens-only Sample
Q)] @) 3) “) 6) (6) @) (®)
Father 0.200 *** (0.156 ***  (0.122 ***  (.116 *** 0.039 *** (0.043 **  0.040 * 0.049 **
(0.012) (0.014) (0.017) (0.019) (0.015) (0.017)  (0.020)  (0.023)
Grandfather 0.173 #** (0.124 ***  0.101 ***  0.096 *** 0.036 ***  0.022 0.015 0.026
(0.012) (0.014) (0.017) (0.020) (0.012) (0.014)  (0.017)  (0.020)
4th Generation 0.127 ***  0.106 ***  0.080 *** 0.035 **  0.034 * 0.027
(0.014) (0.017) (0.021) (0.014)  (0.018)  (0.020)
5th Generation 0.107 ***  (.089 *** 0.057 *** (.033 **
(0.016) (0.017) (0.015)  (0.017)
6th Generation 0.069 *** 0.026
(0.020) (0.022)
Intercept 0.406 *** (0.311 ***  0.214 ** -0.167 0.087 0.056 -0.095 -0.604
(0.054) (0.063) (0.085) (0.324) (0.124) (0.141)  (0.162)  (0.401)
Demographic Controls Yes Yes Yes Yes Yes Yes Yes Yes
Birth Cohort FE Yes Yes Yes Yes Yes Yes Yes Yes
Occupation FE Yes Yes Yes Yes Yes Yes Yes Yes
Neighbourhood FE Yes Yes Yes Yes Yes Yes Yes Yes
N 27,040 19,523 13,291 8,544 7,276 5,657 4,262 3,118
R2 0.488 0.494 0.492 0.496 0.184 0.191 0.191 0.200

(b) Housing wealth—rank-rank

Father 0.196 ***  (0.167 ***  0.164 ***  (.157 *** 0.111 *** 0.096 *** (.097 *** (0.114 ***
(0.013) (0.015) (0.019) (0.023) (0.015) (0.018)  (0.022) (0.026)
Grandfather 0.145 #** (0.113 ***  (.088 ***  (0.09] *** 0.076 *** 0.066 *** (.045 *** (.050 **
(0.013) (0.016) (0.019) (0.024) (0.013) (0.015)  (0.016) (0.021)
4th Generation 0.090 ***  0.061 ***  0.064 *** 0.043 ***  0.023  0.038 **
(0.015) (0.017) (0.021) (0.015)  (0.017)  (0.019)
5th Generation 0.071 *** 0.039 * 0.035*  0.011
(0.017) (0.020) (0.018)  (0.021)
6th Generation 0.036 * 0.003
(0.020) (0.022)
Intercept 0.116 *** 0.052 0.413 ***  (.179 ** -0.034 -0.119  0.260 **  0.158
(0.036) (0.044) (0.058) (0.079) (0.084) (0.102)  (0.117)  (0.149)
Demographic Controls Yes Yes Yes Yes Yes Yes Yes Yes
Birth Cohort FE Yes Yes Yes Yes Yes Yes Yes Yes
Occupation FE Yes Yes Yes Yes Yes Yes Yes Yes
Neighbourhood FE Yes Yes Yes Yes Yes Yes Yes Yes
N 25,927 18,379 12,216 7,632 6,213 4,555 3,220 2,226
R2 0.399 0.411 0.418 0.434 0.184 0.195 0.200 0.226

Notes: Robust standard errors are clustered by family and in parentheses. In panel A, the dependent variable is a dummy variable that
is equal to one for individuals that owned a house. In panel B, all variables have been percentile ranked within their birth cohort
groups. The demographic controls include age, father’s age, mother’s age (squared and unsquared), and the number of father’s sons
and daughters. *** p <0.01; ** p <0.05; * p <0.1. Source: authors’ dataset and calculations.
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Table 2C.6 Multigenerational mobility, with controls, without network-based matches

(a) Homeownership—linear probability model

Total Pop. Sample

Citizens-only Sample

€)) @) 3) “) ) (6) @) (®)
Father 0.151 #** (0.136 ***  0.117 ***  0.106 *** 0.049 *** 0.051 *** (.053 *** (.054 ***
(0.011) (0.013) (0.016) (0.020) (0.012) (0.014)  (0.017)  (0.020)
Grandfather 0.117 *** (0.088 ***  (0.082 ***  (0.086 *** 0.019 * 0.018 0.025  0.046 **
(0.012) (0.013) (0.015) (0.018) (0.011) (0.013)  (0.015) (0.019)
4th Generation 0.096 ***  0.070 ***  0.052 ** 0.004 0.011 0.001
(0.013) (0.017) (0.022) (0.013)  (0.017)  (0.021)
5th Generation 0.109 ***  (.083 *** 0.043 ***  0.026
(0.016) (0.018) (0.016)  (0.020)
6th Generation 0.068 *** 0.012
(0.016) (0.019)
Intercept -0.096 -0.709 ***  -0.437 ***  _(0.776 *** -0.127 -0.340  -0.452**  -0.577
(0.113) (0.065) (0.080) (0.125) (0.179) (0.256)  (0.183) (0.418)
Demographic Controls Yes Yes Yes Yes Yes Yes Yes Yes
Birth Cohort FE Yes Yes Yes Yes Yes Yes Yes Yes
Occupation FE Yes Yes Yes Yes Yes Yes Yes Yes
Neighbourhood FE Yes Yes Yes Yes Yes Yes Yes Yes
N 27,362 19,310 12,855 8,124 7,234 5,345 3,809 2,699
R2 0.430 0.429 0.433 0.441 0.209 0.207 0.207 0.212
(b) Housing wealth—rank-rank
Father 0.150 *** (0,141 ***  (.135 ***  (.126 *** 0.093 *** 0.086 *** (.088 *** (.093 ***
(0.014) (0.016) (0.019) (0.025) (0.015) (0.017)  (0.020)  (0.025)
Grandfather 0.111 *** (0.092 ***  (0.092 ***  0.096 *** 0.052 *** 0.047 *** (0.049 *** (.056 **
(0.013) (0.015) (0.018) (0.020) (0.013) (0.015)  (0.018) (0.022)
4th Generation 0.075 *** 0.036 0.032 0.025 * 0.011 0.017
(0.016) (0.022) (0.026) (0.015)  (0.019) (0.021)
5th Generation 0.083 ***  (.048 ** 0.040 **  0.011
(0.020) (0.023) (0.019)  (0.023)
6th Generation 0.055 *** 0.016
(0.018) (0.019)
Intercept -0.020 -0.279 *¥**  _0.115 **  -0.222 *** 0.002 -0.100 -0.080 -0.134
(0.057) (0.044) (0.050) (0.066) (0.142) (0.129)  (0.131)  (0.186)
Demographic Controls Yes Yes Yes Yes Yes Yes Yes Yes
Birth Cohort FE Yes Yes Yes Yes Yes Yes Yes Yes
Occupation FE Yes Yes Yes Yes Yes Yes Yes Yes
Neighbourhood FE Yes Yes Yes Yes Yes Yes Yes Yes
N 26,363 18,367 12,027 7,450 6,299 4,437 3,005 2,034
R2 0.341 0.353 0.368 0.386 0.188 0.195 0.200 0.216

Notes: Robust standard errors are clustered by family and in parentheses. The sample is restricted to homeowners who have
not been matched based on kinship networks. Network-based matches have been excluded. In panel A, the dependent variable
is a dummy variable that is equal to one for individuals that owned a house. In panel B, all variables have been percentile
ranked within their birth cohort groups. The demographic controls include age, father’s age, mother’s age (squared and
unsquared), and the number of father’s sons and daughters. *** p < 0.01; ** p <0.05; * p <0.1. Source: authors’ dataset and

calculations.
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2D. Multigenerational Mobility, Matrilineal Line
To test for the importance of gender-dominated transmission patterns, we analyse the influence of male

ancestors from the maternal line on sons’ outcomes. Including all ancestors from the fourth generation
onward would pose data challenges, so we limit our analysis to one ancestral line. We have defined the
paternal line consistently as male ancestors of the male line. In turn, we consistently define the maternal
line as male ancestors of the female line. Figure 2D clarifies this distinction, showing the family tree
and, in circles, the individuals whose homeownership and housing wealth data we use in the regression

analyses.

Figure 2D. Family tree, showing included individuals

6" Generation
5t Generation
4th Generation
Grandfather

Father

Notes: Figure 2D illustrates the family tree, showing the paternal and maternal ancestor lines included in the
multigenerational regression analysis. “F” denotes Father, and “M” denotes Mother. Circled letters indicate indi-
viduals included in the analysis.
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Table 2D.1 Multigenerational mobility, matrilineal line

(a) Homeownership—linear probability model

Total Pop. Sample

Citizens-only Sample

1 (2) 3) (4) ) (6) @) (3)
Father 0.359 *** (0291 ***  (0.246 ***  (.200 *** 0.077 *** (.082 *** (0,087 *** (.072 ***
(0.012) (0.016) (0.020) (0.024) (0.015) (0.017) (0.021)  (0.026)
Grandfather 0.267 *** (0.204 *** (0,158 ***  (.]126 *** 0.038 ***  0.026 0.023 0.021
(0.010) (0.015) (0.019) (0.022) (0.012) (0.017) (0.021)  (0.024)
4th Generation 0.153 *** (124 *** (0,100 *** 0.014 0.015 0.023
(0.015) (0.022) (0.026) (0.015) (0.022)  (0.027)
5th Generation 0.124 *** (. 125 *** 0.034 0.048 *
(0.021) (0.028) (0.022)  (0.027)
6th Generation 0.092 *%** 0.017
(0.022) (0.023)
Intercept 0.033 *** (0,026 *** (0.022 ***  (.027 *** 0.490 *** (0.476 *** (0438 *** (.4]4 ***
(0.004) (0.003) (0.004) (0.005) (0.015) (0.022) (0.034) (0.039)
N 24,722 15,403 8,919 4,366 7,233 4,795 3,123 2,051
R2 0.399 0.404 0.394 0.341 0.006 0.006 0.008 0.008
(b) Housing wealth—rank-rank
Father 0.342 *** (151 *** (0,153 *** (0,166 *** 0.156 *** (0,130 *** (0,137 *** (0,152 ***
(0.013) (0.021) (0.026) (0.033) (0.017) (0.022) (0.027)  (0.035)
Grandfather 0.215 ***  (0.065 ***  (.048 ** 0.044 0.056 *** (.051 ***  0.032 0.026
(0.012) (0.018) (0.023) (0.035) (0.013) (0.018) (0.022)  (0.034)
4th Generation 0.068 ***  (.10] *** 0.084 ** 0.089 *** (0,117 *** (.098 **
(0.023) (0.031) (0.042) (0.024) (0.032)  (0.043)
5th Generation -0.025 -0.049 -0.027 -0.041
(0.026) (0.032) (0.026)  (0.032)
6th Generation 0.077 ** 0.072 **
(0.035) (0.035)
Intercept 0.039 *** (. 189 *** (0,195 ***  (.]186 *** 0.207 *** (0.184 *** (0,190 *** (,18] ***
(0.002) (0.015) (0.022) (0.032) (0.008) (0.015) (0.022)  (0.033)
N 23,593 2,899 1,861 1,149 6,198 2,682 1,760 1,092
R2 0.293 0.037 0.036 0.042 0.030 0.030 0.032 0.035

Notes: Robust standard errors are clustered by family and in parentheses. In panel A, the dependent variable is a dummy variable that
is equal to one for individuals that owned a house. In panel B, all variables have been percentile ranked within their birth cohort
groups. Since we do not observe female ownership, the analysis includes male ancestors of the matrilineal line (i.e., the maternal
grandfather, the father of the maternal grandmother, etc.). *** p <0.01; ** p < 0.05; * p <0.1. Source: authors’ dataset and calcula-
tions.
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Table 2D.2 Multigenerational mobility, matrilineal and patrilineal line

(a) Homeownership—linear probability model

Total Pop. Sample Citizens-only Sample
€9) 2 3) “ ) ()] ()] ®
Father 0.259 *** 0.171 *** 0.103 *** 0.068 ** 0.070 ***  0.062 *** 0.042 0.032
(0.013) (0.019) (0.025) (0.032) (0.016) (0.019) (0.026) (0.033)
Paternal Grandfather 0.213 *#* 0.129 *** 0.102 *** 0.107 *** 0.031 * 0.010 0.022 0.055
(0.014) (0.019) (0.026) (0.034) (0.016) (0.019) (0.027) (0.035)
Maternal Grandfather 0.188 *** 0.117 *** 0.063 ** 0.041 0.036 *** 0.011 -0.005 0.000
(0.012) (0.020) (0.026) (0.030) (0.014) (0.020) (0.026) (0.030)
Paternal—4th Generation 0.143 *** 0.117 *** 0.078 ** 0.044 ** 0.049 * 0.033
(0.018) (0.024) (0.032) (0.020) (0.026) (0.035)
Maternal—4th Generation 0.108 *** 0.073 *** -0.005 0.023 0.010 -0.029
(0.018) (0.027) (0.038) (0.018) (0.028) (0.040)
Paternal—S5th Generation 0.146 *** 0.14]1 *** 0.082 *** (.097 ***
(0.029) (0.035) (0.028) (0.036)
Maternal—5th Generation 0.058 ** 0.093 *** 0.008 0.061
(0.024) (0.035) (0.026) (0.038)
Paternal—6th Generation 0.113 *** 0.066
(0.040) (0.041)
Maternal—6th Generation 0.010 -0.020
(0.028) (0.029)
Intercept 0.023 *** 0.015 *** 0.013 *** 0.014 *** 0.468 ***  (0.44] *** (382 *** (299 ***
(0.003) (0.002) (0.003) (0.004) (0.020) (0.032) (0.048) (0.062)
N 20,954 11,136 5,362 2,142 6,298 3,554 2,000 1,113
R2 0.422 0418 0.402 0.342 0.006 0.006 0.010 0.019

(b) Housing wealth—rank-rank

Father 0.254 *%** 0.108 *** 0.122 *** 0.126 ** 0.131 *** (0,098 *** (.116 *** (.121 **
(0.014) (0.025) (0.036) (0.050) (0.017) (0.026) (0.036) (0.049)

Paternal Grandfather 0.190 *** 0.048 * 0.025 0.062 0.074 *** 0.031 0.019 0.049
(0.015) (0.029) (0.037) (0.057) (0.016) (0.031) (0.039) (0.057)

Maternal Grandfather 0.156 *** 0.029 -0.011 -0.027 0.047 *** 0.030 -0.001 -0.024
(0.013) (0.022) (0.031) (0.062) (0.014) (0.022) (0.031) (0.063)
Paternal—4th Generation 0.075 *** 0.069 ** 0.079 * 0.068 **  0.071 **  0.090 **
(0.026) (0.033) (0.044) (0.027) (0.033) (0.046)

Maternal—4th Generation 0.086 *** 0.145 *** 0.117 * 0.112 ***  0.167 ***  0.130 *
(0.029) (0.046) (0.070) (0.030) (0.047) (0.078)

Paternal—5th Generation 0.046 0.082 0.036 0.080
(0.035) (0.052) (0.034) (0.052)

Maternal—5th Generation -0.063 * -0.039 -0.056 -0.037
(0.037) (0.042) (0.038) (0.045)

Paternal—6th Generation 0.099 * 0.087
(0.058) (0.058)

Maternal—6th Generation 0.080 0.090
(0.059) (0.060)

Intercept 0.033 *** 0.167 *** 0.172 *** 0.051 0.191 **%  (.157 **%*  (.147 *** 0.041
(0.002) (0.020) (0.035) (0.055) (0.009) (0.020) (0.035) (0.066)

N 19,652 1,878 984 476 5,078 1,785 951 459
R2 0.319 0.037 0.043 0.077 0.032 0.033 0.044 0.068

Notes: Robust standard errors are clustered by family and in parentheses. In panel A, the dependent variable is a dummy variable that
is equal to one for individuals that owned a house. In panel B, all variables have been percentile ranked within their birth cohort
groups. The analysis includes male ancestors of the matrilineal line (i.e., the maternal grandfather, the father of the maternal grand-
mother, etc.). *** p <0.01; ** p <0.05; * p <0.1. Source: authors’ dataset and calculations.
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Table 2D.3 Multigenerational mobility, matrilineal line, with controls

(a) Homeownership—linear probability model

Total Pop. Sample

Citizens-only Sample

Q)] @) 3) “) ©) (6) @) (®)
Father 0.223 #**  (.188 ***  (0.166 ***  (0.125 *** 0.054 *** 0.046 ** 0.059 ***  0.045
(0.013) (0.016) (0.019) (0.025) (0.015) (0.018)  (0.022)  (0.028)
Grandfather 0.146 *** (0.111 ***  0.075 ***  0.065 *** 0.023 ** 0.009 -0.002 0.013
(0.011) (0.015) (0.018) (0.021) (0.012) (0.015)  (0.019)  (0.023)
4th Generation 0.084 ***  (.063 *** 0.042 * 0.006 0.000 0.000
(0.013) (0.018) (0.022) (0.014)  (0.020)  (0.026)
5th Generation 0.071 ***  0.057 ** 0.024 0.021
(0.017) (0.022) (0.018)  (0.024)
6th Generation 0.030 -0.009
(0.019) (0.021)
Intercept -0.094 -0.352 0.455 ***  -0.568 *** -0.489 *** -0.490 ** -0.932 *** -0.222
(0.135) (0.242) (0.119) (0.177) (0.160) (0.249)  (0.216)  (0.308)
Demographic Controls Yes Yes Yes Yes Yes Yes Yes Yes
Birth Cohort FE Yes Yes Yes Yes Yes Yes Yes Yes
Occupation FE Yes Yes Yes Yes Yes Yes Yes Yes
Neighbourhood FE Yes Yes Yes Yes Yes Yes Yes Yes
N 24,722 15,403 8,919 4,366 7,233 4,795 3,123 2,051
R2 0.482 0.488 0.489 0.482 0.185 0.195 0.211 0.241
(b) Housing wealth—rank-rank
Father 0.207 *** (0.096 ***  (.104 ***  (.123 *** 0.113 *** (0.087 *** (.096 *** (0.111 ***
(0.015) (0.022) (0.027) (0.035) (0.016) (0.023)  (0.028) (0.035)
Grandfather 0.106 ***  (0.063 *** 0.039 0.035 0.033 *** (0.042 **  0.017 0.022
(0.012) (0.018) (0.024) (0.034) (0.012) (0.017)  (0.021)  (0.030)
4th Generation 0.052 **  (0.081 ***  0.084 ** 0.056 **  0.076 ** 0.071 *
(0.022) (0.030) (0.039) (0.023)  (0.031) (0.042)
5th Generation -0.045 * -0.069 ** -0.047 *  -0.053 *
(0.027) (0.034) (0.025)  (0.032)
6th Generation 0.049 0.044
(0.037) (0.034)
Intercept -0.003 -0.379 **  -0.380 * -0.229 -0.173 * -0.110  -0.548 *** -0.341
(0.094) (0.162) (0.220) (0.268) (0.105) (0.237)  (0.186)  (0.228)
Demographic Controls Yes Yes Yes Yes Yes Yes Yes Yes
Birth Cohort FE Yes Yes Yes Yes Yes Yes Yes Yes
Occupation FE Yes Yes Yes Yes Yes Yes Yes Yes
Neighbourhood FE Yes Yes Yes Yes Yes Yes Yes Yes
N 23,593 2,899 1,861 1,149 6,198 2,682 1,760 1,092
R2 0.389 0.233 0.270 0.344 0.191 0.207 0.239 0.287

Notes: Robust standard errors are clustered by family and in parentheses. In panel A, the dependent variable is a dummy variable that
is equal to one for individuals that owned a house. In panel B, all variables have been percentile ranked within their birth cohort
groups. The demographic controls include age, father’s age, mother’s age (squared and unsquared), and the number of father’s sons
and daughters. *** p <0.01; ** p <0.05; * p <0.1. Source: authors’ dataset and calculations.
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Table 2D.4 Multigenerational mobility, matrilineal and patrilineal line, with controls

(a) Homeownership—linear probability model

Total Pop. Sample

Citizens-only Sample

) 2 3 “ (5 (6) () (®
Father 0.166 *** 0.106 *** 0.069 *** 0.044 0.040 *** 0.023 0.020 0.013
(0.013) (0.019) (0.027) (0.035) (0.015) (0.022) (0.028) (0.036)
Paternal Grandfather 0.136 *** 0.082 *** 0.052 ** 0.080 ** 0.024 * 0.009 0.006 0.066 *
(0.013) (0.018) (0.024) (0.034) (0.014) (0.018) (0.025) (0.037)
Maternal Grandfather 0.107 *** 0.068 *** 0.023 0.042 0.020 0.002 -0.011 0.009
(0.012) (0.018) (0.023) (0.030) (0.013) (0.018) (0.024) (0.031)
Paternal—4th Generation 0.103 *** 0.085 *** 0.049 * 0.031 0.043 * 0.023
(0.017) (0.022) (0.028) (0.019) (0.025) (0.030)
Maternal—4th Generation 0.062 *** 0.044 * -0.031 0.014 -0.001 -0.036
(0.016) (0.024) (0.031) (0.017) (0.026) (0.035)
Paternal—S5th Generation 0.113 *** 0.077 *** 0.075 *** 0.044
(0.022) (0.028) (0.021) (0.031)
Maternal—5th Generation 0.019 0.060 ** -0.011 0.042
(0.022) (0.030) (0.023) (0.031)
Paternal—6th Generation 0.058 * 0.036
(0.035) (0.033)
Maternal—6th Generation -0.015 -0.031
(0.023) (0.026)
Intercept 0.235 * 0.411 *** -0.32] ** -0.748 *** -0.010 0.010 -0.391 -0.178
(0.124) (0.140) (0.125) (0.244) (0.149) (0.185) (0.244) (0.425)
Demographic Controls Yes Yes Yes Yes Yes Yes Yes Yes
Birth Cohort FE Yes Yes Yes Yes Yes Yes Yes Yes
Occupation FE Yes Yes Yes Yes Yes Yes Yes Yes
Neighbourhood FE Yes Yes Yes Yes Yes Yes Yes Yes
N 20,954 11,136 5,362 2,142 6,298 3,554 2,000 1,113
R2 0.495 0.495 0.505 0.510 0.195 0.204 0.238 0.275
(b) Housing wealth—rank-rank
Father 0.157 *** 0.056 ** 0.108 *** 0.123 * 0.083 *** 0.049 * 0.088 ** 0.081
(0.015) (0.027) (0.035) (0.066) (0.016) (0.026) (0.036) (0.058)
Paternal Grandfather 0.120 *** 0.062 ** 0.055 0.018 0.066 *** 0.051 * 0.045 0.069
(0.014) (0.027) (0.037) (0.058) (0.014) (0.028) (0.037) (0.059)
Maternal Grandfather 0.077 *** 0.013 -0.022 -0.030 0.023 * 0.008 -0.025 -0.024
(0.013) (0.022) (0.035) (0.065) (0.014) (0.021) (0.032) (0.045)
Paternal—4th Generation 0.070 *** 0.096 *** 0.105 * 0.057 ** 0.077 ** 0.044
(0.024) (0.032) (0.061) (0.024) (0.031) (0.046)
Maternal—4th Generation 0.062 ** 0.130 *** 0.146 ** 0.077 ***  0.140 *** 0.106
(0.029) (0.044) (0.063) (0.029) (0.044) (0.069)
Paternal—5th Generation 0.018 0.043 -0.000 0.050
(0.038) (0.076) (0.034) (0.051)
Maternal—5th Generation -0.095 ** -0.013 -0.078 ** 0.031
(0.039) (0.057) (0.037) (0.044)
Paternal—6th Generation 0.147 ** 0.132 ***
(0.058) (0.047)
Maternal—6th Generation 0.072 0.050
(0.071) (0.055)
Intercept 0.242 *** -0.223 0.329 -0.635 0.108 -0.260 0.200 -0.034
(0.093) (0.200) (0.317) (0.424) (0.108) (0.183) (0.272) (0.367)
Demographic Controls Yes Yes Yes Yes Yes Yes Yes Yes
Birth Cohort FE Yes Yes Yes Yes Yes Yes Yes Yes
Occupation FE Yes Yes Yes Yes Yes Yes Yes Yes
Neighbourhood FE Yes Yes Yes Yes Yes Yes Yes Yes
N 19,652 1,878 984 476 5,078 1,785 951 459
R2 0.405 0.268 0.369 0.568 0.204 0.231 0.288 0.425

Notes: Robust standard errors are clustered by family and in parentheses. In panel A, the dependent variable is a dummy variable that is equal
to one for individuals that owned a house. In panel B, all variables have been percentile ranked within their birth cohort groups. The analysis
includes male ancestors of the matrilineal line (i.e., the maternal grandfather, the father of the maternal grandmother, etc.). The demographic
controls include age, father’s age, mother’s age (squared and unsquared), and the number of father’s sons and daughters. *** p <0.01;
** p <0.05; * p<0.1. Source: authors’ dataset and calculations.
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Appendix 3. Structural Mobility—Mobility Tables

3A. Total Population Sample—Homeownership

In Appendix 3A, we present a mobility matrix based on homeownership for the total population sample.

We quantify the proportion of sons who remained without homeownership, acquired homeownership,

or lost homeownership relative to their father.

Table 3A. Mobility matrix, total population sample, homeownership

1500-1549
Son/Father No . Homeownership Total Fathers
Homeownership
No Homeownership 16.9 17.1 33.9
Homeownership 219 442 66.1
Total Sons 38.7 61.3 100.0
1550-1599
Son/Father No . Homeownership Total Fathers
Homeownership
No Homeownership 32.2 9.3 41.5
Homeownership 20.3 38.2 58.5
Total Sons 52.5 47.5 100.0
1600-1649
Son/Father No . Homeownership Total Fathers
Homeownership
No Homeownership 64.2 6.2 70.5
Homeownership 14.2 15.3 29.5
Total Sons 78.5 21.5 100.0
1650-1699
Son/Father No . Homeownership Total Fathers
Homeownership
No Homeownership 75.0 4.2 79.2
Homeownership 7.3 13.5 20.8
Total Sons 82.3 17.7 100.0
1700-1749
Son/Father No . Homeownership Total Fathers
Homeownership
No Homeownership 77.0 4.5 81.5
Homeownership 6.8 11.7 18.5
Total Sons 83.8 16.2 100.0
1750-1799
Son/Father No . Homeownership Total Fathers
Homeownership
No Homeownership 84.7 2.6 87.3
Homeownership 6.8 5.9 12.7
Total Sons 91.5 8.5 100.0

Note. Periods are defined based on sons’ birth years.
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3B. Citizens-only Sample—Homeownership

In Appendix 3B, we present a mobility matrix based on homeownership for the citizens-only sample.

We quantify the proportion of sons who remained without homeownership, acquired homeownership,

or lost homeownership relative to their father.

Table 3B. Mobility matrix, citizens-only sample, homeownership

1500-1549
Son/Father No . Homeownership Total Fathers
Homeownership
No Homeownership 9.2 17.5 26.6
Homeownership 24.0 49.4 73.4
Total Sons 33.2 66.8 100.0
1550-1599
Son/Father No . Homeownership Total Fathers
Homeownership
No Homeownership 8.2 11.4 19.5
Homeownership 26.8 53.6 80.5
Total Sons 35.0 65.0 100.0
1600-1649
Son/Father No . Homeownership Total Fathers
Homeownership
No Homeownership 14.1 14.4 28.6
Homeownership 333 38.1 71.4
Total Sons 47.5 52.5 100.0
1650-1699
Son/Father No . Homeownership Total Fathers
Homeownership
No Homeownership 12.0 14.3 26.3
Homeownership 25.1 48.6 73.7
Total Sons 37.1 62.9 100.0
1700-1749
Son/Father No . Homeownership Total Fathers
Homeownership
No Homeownership 13.7 16.8 30.5
Homeownership 25.0 44.5 69.5
Total Sons 38.7 61.3 100.0
1750-1799
Son/Father No . Homeownership Total Fathers
Homeownership
No Homeownership 17.5 12.8 30.3
Homeownership 37.0 32.7 69.7
Total Sons 54.5 45.5 100.0

Note. Periods are defined based on sons’ birth years.
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3C. Total Population Sample—Housing Wealth

In Appendix 3C, we present a mobility table based on housing wealth for the total population sample,

showing the proportion of sons who owned less, the same, or more housing wealth than their fathers.

Table 3C. Mobility table, total population sample, housing wealth

1500-1549
Mobility Total
Downward 38.0
No Mobility 25.6
Upward 36.4
Total 100.0
1550-1599
Mobility Total
Downward 36.2
No Mobility 40.9
Upward 22.9
Total 100.0
1600-1649
Mobility Total
Downward 19.6
No Mobility 69.4
Upward 11.0
Total 100.0
1650-1699
Mobility Total
Downward 12.0
No Mobility 79.6
Upward 8.4
Total 100.0
1700-1749
Mobility Total
Downward 10.9
No Mobility 80.6
Upward 8.5
Total 100.0
1750-1799
Mobility Total
Downward 8.7
No Mobility 86.6
Upward 4.7
Total 100.0

Note. Periods are defined based on sons’ birth years. Because sons’ mobility is defined relative to their fathers’
wealth, the table only documents the proportion of individuals experiencing upward, downward, or no mobility.
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3D. Citizens-only Sample—Housing Wealth

In Appendix 3D, we present a mobility table based on housing wealth for the citizens-only sample,

showing the proportion of sons who owned less, the same, or more housing wealth than their fathers.

Table 3D. Mobility table, citizens-only sample, housing wealth

1500-1549
Mobility Total
Downward 42.0
No Mobility 18.4
Upward 39.6
Total 100.0
1550-1599
Mobility Total
Downward 50.5
No Mobility 17.6
Upward 31.8
Total 100.0
1600-1649
Mobility Total
Downward 50.9
No Mobility 20.6
Upward 28.5
Total 100.0
1650-1699
Mobility Total
Downward 46.1
No Mobility 21.7
Upward 32.2
Total 100.0
1700-1749
Mobility Total
Downward 43.5
No Mobility 22.5
Upward 34.0
Total 100.0
1750-1799
Mobility Total
Downward 50.4
No Mobility 23.9
Upward 25.8
Total 100.0

Note. Periods are defined based on sons’ birth years. Because sons’ mobility is defined relative to their fathers’
wealth, the table only documents the proportion of individuals experiencing upward, downward, or no mobility.
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